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ABSTRACT

The main objectives of this study are, firstly, to identify the individual factors affecting
knowledge sharing behaviour among nursing supervisors in online healthcare
communites and secondly, to assess the moderating effect of knowledge self-efficacy on
the relationship between individual factors and knowledge sharing behaviour among
nursing supervisors in online healthcare communities in Jordan. This study was mainly
underpinned by the Social Exchange Theory and Social Cognitive Theory. In order to
achieve the study’s objectives, a quantitative study method was mainly used, where a total
of 337 questionnaires were distributed to the nursing supervisors in private hospitals in
Jordan, in the form of self-administrated surveys. A total of 295 questionnaires were
returned, of which, 283 questionnaires completed by participants were usable, indicating
a response rate of 84% percent. Structural Equation Modelling was applied using Smart
PLS for data analysis. The results show that all independent variables including trust,
reciprocity, reputation and ability to share on knowledge sharing behaviour explains
62.7% of knowledge sharing behavior of nursing supervisors in online healthcare
communities. Secondly, knowledge self-efficacy acts as moderator between trust,
reciprocity and reputation and knowledge sharing behavior. However, knowledge self-
efficacy does not moderate the relationship between knowledge self-efficacy and
knowledge sharing behaviour. This study contributes to the body of knowledge by
conceptualizing a research model, which reflects the moderating role of knowledge self-
efficacy on the relationship between trust, reciprocity and reputation and knowledge
sharing behavior among nursing supervisors in online healthcare communities. Moreover,
this study provides guidelines for nursing supervisors in order to improve knowledge
sharing behaviour in online healthcare communities in private hospitals in Jordan. The
findings of this study offer a basis for further research of knowledge sharing in the context
of healthcare sector.
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CHAPTER 1

INTRODUCTION

1.1 Introduction

This chapter discusses the background of the study, highlighting the gaps in improving
knowledge sharing behaviour, which in turn leads to the problem statement. This chapter
also discusses the research questions and objectives, followed by an explanation of the
significance, scope of the study, operational definitions, as well as the structure of the

thesis.

1.2 Background of Study

Knowledge sharing has increasingly become indispensable within the current business
environment (Jinyang, 2015). It is considered an important resource for effective
execution of key business functions. In order to achieve knowledge sharing, it is
necessary to realize the factors influencing knowledge sharing practices. Motivational
ideas for knowledge sharing among employees could effectively lead to the conception
of novel ideas ( Prusak, 1998; Reinholt et al 2009; Ipe, 2003).

Online communities have recently become entrenched as important platforms by which
to share knowledge in organizations (Liang, 2016). Various researchers have highlighted
the benefits of online communities, namely the reduced cost and time limitations (Baxter,
2002; Booth, 2012; Tseng, 2008; Zboralski, 2009). Botkiin (2000) suggested that
members who are well versed in online knowledge sharing skills must uphold the
management of effective online knowledge sharing communities. It was shown in a study
by Booth (2012) that individual knowledge sharing could be very well developed within
online virtual communities. Various studies have similarly asserted that knowledge and
information needs may be adequately satisfied by online virtual communities (Jadin et
al., 2013; Liang, 2016).



Health is perceived to be an important part of our everyday life. Individuals acquire
health-related information from diverse sources that speak of various perspectives, and
this information influences their health-related decisions and choices. They seek
information related to healthcare from different sources such as online databases and
other e-learning sources such as articles, journals and web-based portals (Rai et al.,
2012). The trend of searching for health online is not new, according to the report of Pew
research centre which states that more than 80% of adults in the USA search health-
related information online. Further, the healthcare decisions of over 60% of people are
influenced by web-based health-related knowledge and experiences ( Jones, 2009; Zhang
etal., 2017a).

People these days are progressively participating in different online healthcare
communities (OHC) such as social media and other web-based forums to address their
issues and problems related to their health in order to obtain valuable information. An
online healthcare community is an arrangement of virtual discussion groups designed for
the sharing of common topics of interest related to healthcare (Fan et al., 2014). The
members of these communities share their experiences, information and feelings with
each other, in addition to offering help and support (Fan et al., 2014). One of the benefits
of OHC incorporates the “24/7” accessibility of information and help from individuals
without any limits imposed by geographic location. The relatively free and less risk-
oriented nature indicates that “more than one brain is always better for making decisions”.
This is especially so in relation to healthcare decisions ( Haynes, 2001; Lin et al., 2016;
Mein et al., 2016). Research has shown that OHC positively correlates with the user’s

treatment choices, health anticipation, and outcomes (Zhang et al., 2017b).

Online healthcare communities offer a wide range of online media to encourage
knowledge sharing. These include: notification alerts; mailing lists; web blogs;
messaging panels; weblogs; as well as discussion forums and other social media networks
(Bender et al., 2011). Online healthcare communities offer the potential of connecting
patients with similar health conditions, thereby enabling them to share experiences
regarding treatments and diet programs (Goeuriot et al., 2011). Furthermore, in the global
setting, OHC offers geographic advantages by which to share medical information and

social support even across great distances around the world resulting in less cost and time
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spent (Barak et al., 2008; Yan et al., 2016b). Online communities have been entrenched
in the modern global culture to enable individuals to search for health data and compare
their experiences along with medical solutions. Furthermore, many older people in the
U.S. (11%) followed their colleagues' health updates in online communities, with five per
cent (5%) posting their particular information, concerns, or responses concerning health

as well as medical issues (Kluska et al., 2011; Yan et al., 2016b).

According to their health-related problems (Rai et al., 2012), the individuals who are
involved in knowledge sharing behaviour and dissemination are healthcare professionals
such as doctors, nursing supervisors, pharmacists and other people with related
experience; they try to suggest different treatments for patients. Thus, the concept of
online healthcare communities is progressively acknowledged as a beneficial way to
acquire healthcare knowledge or information for many individuals working within
different organizations (Zhang et al., 2017a). It has been said that the significance of
implementing knowledge sharing behaviour in the healthcare sector has resulted due to
individuals hailing from diverse backgrounds and points of views (Mura et al., 2016).
Knowledge sharing behaviour has also been directly linked to enhancing patient safety
because the majority of medical errors originate from a lack of learning together with

punitive behaviour (Kim et al., 2012).

In despite of the wide popular usage of online health communities, they have shown to
be effective platforms for individuals to gain medical information such as medical centre
information, medication side-effects, and health-conscious behaviours (Valaitis et al.,
2011). Hence, users are concerned with the issue of whom to share the knowledge with,
as they expect to obtain a return of intrinsic and extrinsic benefits (Wei, 2005; Yan et al.,
2016).

In the healthcare sector, it is essential for nursing supervisors to be digitally literate, in
order to promote digital knowledge transfer within their teams and outside the
communities (Brunetto et al., 2015). The role of the supervisor is very important to this
regard, in which he or she should follow the online sources like healthcare communities
where people ask questions and discuss information related to their healthcare concerns
and problems (Alhalhouli et al.,2014).



1.3 Problem Statement

Knowledge sharing has increasingly become a strong contender for improvements and
further development within the healthcare sector ( Kim et al., 2012). There is a problem
in sharing knowledge due to the intricacy and knowledge obstacles in utilizing the self-
efficacy of knowledge (Aslam et al., 2018). Therefore, self-efficacy of knowledge
considered as a critical factor that influence the process of knowledge sharing and
influential factors which contribute to knowledge sharing among online communities.
Chen et al. (2014) and Zhang et al. (2017) explored the knowledge sharing in online
communities, and found that less attention has been given to the relationship between
knowledge self-efficacy and knowledge sharing behaviour. This may be an issue in
knowledge sharing since complexity and knowledge barriers to the exchange of
knowledge among online communities may be seen as knowledge efficacy deficits (Lee
et al, 2012; Memon et al., 2016).

However, the main factors that influence the online healthcare community users to share
information online are in question (Yan et al., 2016b). Behavioural changes tend to affect
one’s peers within the community since knowledge sharing is a form of social exchange
behaviour (Bock et al., 2005). Nursing supervisors have specified that they struggle with
using the Internet, especially in using digital technology for the transfer of digital
knowledge (Mather & Cummings, 2017). Mather & Cummings (2017) explained that
nurses demonstrate differences in awareness of research and availability of information
resources. Determination of the most important factors that correlate positively with
knowledge should be investigated so as to be able to provide methods by which to

develop and improve knowledge sharing within the healthcare sector (Leal et al., 2016).

The research of Masa’deh (2016), as well as the usage of technology for information
sharing is weak in developing countries (including Arab countries) as compared to
developed countries. According to Gider et al. (2015), most of the literature has focused
on developed countries, with few focusing on knowledge sharing for the online healthcare
communities in Jordan. In addition, these developing countries are inclined to the effects
of the development of online communities such as social media for sharing knowledge

and dissemination of information within the communities (Alhalhouli et al., 2014).

4



According to Ellis et al (2020), they stated that it is important to increase the knowledge

of healthcare staff to improve the delivery of services via the Jordanian hospitals.

Thus, there arises a definite need to research factors, which may affect knowledge sharing
among nursing supervisors in the healthcare sector in Jordan. As a developing country,
Jordan faces challenges in the healthcare sector challenges mean that a healthcare sectors
faced with lack of systematic, efficient, effective approaches to improve the information,
and knowledge management (Dammaj et al., 2016). In addition, Alhalhouli (2014), stated
that the particular factors that increase or decrease knowledge sharing behaviours in

Jordanian hospitals need to be investigated.

This study intends to assess the factors influencing the knowledge sharing behaviour
among nursing supervisors in the online healthcare communities. Utilizing both theories
of Social Exchange Theory (SET) and Social Cognitive Theory (SCT). It should be noted
that SET ignores the role of self-efficacy, which is one of the main components of the
knowledge sharing behaviour, thus the theory of Social Cognitive Theory (SCT) was

incorporated to support the theoretical findings of this study.

1.4 Research Questions

Based on the problem statement, the research attempts to answer the following questions:

1. What are the individual factors affecting knowledge sharing behaviour among

nursing supervisors in online healthcare communities?

2. Does the knowledge self-efficacy act as a moderator on the relationship between
individual factors and knowledge sharing behaviour among nursing supervisors in

online healthcare communities?

The first question was formulated to examine the direct effects between the studied
variables (individual factors and knowledge sharing behaviour). However, the second
question has been presented to investigate the moderation role of knowledge self-efficacy

on the relationship between individual factors and knowledge sharing behaviour in online
5



healthcare communities among nursing supervisor in Jordan. In particular, the last
question shows that the study intends to investigate the knowledge self-efficacy as
moderators where it can change the strength of the direct effect between individual factors

and knowledge sharing behaviour.

1.5  Research Objectives

The research objectives are formulated as follows:

1. To identify the individual factors affecting knowledge sharing behaviour among
nursing supervisors in online healthcare communities.

2. To assess the moderating effect of knowledge self-efficacy on the relationship
between individual factors and knowledge sharing behaviour among nursing

supervisors in online healthcare communities.

1.6  Significance of Study

This study focuses on knowledge sharing behaviour within the healthcare sector by
investigating individual factors among nursing supervisors working in private hospitals
in Jordan. This can contribute to the theoretical and practical levels of knowledge sharing

behaviour within the healthcare sector.

The study obtains its significance from the fact that there are currently only a limited
number of studies in the field of knowledge sharing in healthcare sector using knowledge
self-efficacy as a moderator for supervisory level. Furthermore, it is anticipated that the
study would lead to a better understanding of the Social Exchange Theory and Social
Cognitive Theory in enhancing the connection between the proposed variables. Social
Exchange Theory and Social Cognitive Theory can be helpful in a theoretical framework
for this study in order to achieve a better understanding of the roles of social exchange

and cognitive issues.



This research study will provide understanding concerning the current state of
individuals’ characteristics necessary for accommodating the need required to lead to
willingness and motivation for knowledge sharing in online healthcare communities. The
study also offers a comprehensive view and guidelines for nursing supervisors in the
healthcare sector, with a focus on key factors required for successful knowledge sharing
behaviours of healthcare workers in Jordanian private hospitals. This includes the effect
of individual factors on nursing supervisors’ behaviours in order to effectively share their

knowledge in online healthcare communities.

This would also offer a method of gaining knowledge regarding the health situation which
could be shared in online healthcare communities in social media including Facebook
groups, Twitter and LinkedIn. Reliance upon these communities could offer several
practical advantages, such as: exchanging ideas and solutions across different
geographical locations; gaining support from experienced community members; and

information related to quick-response health treatments.

Additionally, practitioners would consider the importance of knowledge self-efficacy as
a key to competing in a challenging and changing business environment. Moreover, the
study has provided understanding concerning the current state of individuals’
characteristics necessary for accommodating the need required to lead to willingness and

motivation for knowledge sharing in online healthcare communities

1.7  Scope of Study

The current study seeks to investigate the effect of individual factors on knowledge
sharing behaviour in online healthcare communities by the role of the moderation effect
of knowledge sharing self-efficacy in private hospitals of Amman, the capital city of
Jordan. The reliance of the researcher on private hospitals is rooted in the fact that these
institutions have high technological capabilities as well as support and cooperation to be
involved in the present study. These hospitals were found to be more cooperative
regarding conducting research than public hospitals located in Jordan. It is also important
to mention that the number of public hospitals is considered low as compared to the



private ones. Thus, the researcher selected private hospitals rather than public ones to be

able to represent the population of nursing supervisors in Jordan.

Nursing supervisors in private hospitals comprise the respondents of this study. This
sample was chosen because studies have shown that nursing staff are more likely to carry
out interpersonal interventions and share knowledge, whereas physicians are mainly
affected by technical intervention in order to optimize the outcome of medical services
(Jarrar et al., 2018). In any hospital, nurses are in the majority and the maximum number
of medical teams includes nursing staff. Accordingly, their performance can influence
the overall development of the hospital (Lin, 2014). Therefore, this study surveyed
nursing supervisors in Jordanian private hospitals in order to explore individual behaviour
on knowledge sharing in online communities with knowledge self-efficacy as a
moderator. This research study has highlighted the issue of understanding about the effect
of knowledge sharing in online healthcare communities in social media platforms such

as Facebook groups, Twitter and LinkedIn in Jordan.

1.8  Operational Definitions

Knowledge Sharing Behaviour:
The process of involving knowledge exchange between individuals disperse their

obtained knowledge, experiences, and skills to others and groups (Zhang et al., 2017a).

Trust:
The belief in the good intent, competence, and reliability of employees with respect to

contributing and reusing knowledge (Saleh, 2017).

Reciprocity:
Belief that current sharing behaviour will cause future requests for knowledge to be easily
satisfied by others ( Zhang et al., 2017).



Ability to Share:

The ability of individuals to share knowledge with each other, this trait refers to
capabilities of conceiving and sharing meaning in different situations (Mohammad et
al., 2014).

Reputation:
Perception of an improvement in reputation and image due to sharing knowledge in the
online community (Havakhor et al, 2018).

Knowledge Self —Efficacy:
Self-efficacy refers to the degree of confidence in one’s ability to provide knowledge that

is valuable to others (Aslam et al., 2018).

Online Healthcare Communities:

Obtaining health culture regarding the illness by the patients and their relevant by seek
and provide social support from others in same circumstances. More specifically, these
social groups mainly depend on persons with illness, medical professionals or even a
combination of both ( Der et al., 2013).

Nursing Supervisor:
Nursing supervisor referees to the head nurse who is responsible for guiding and

supervising nurses in his/her ward department (Jarrar et al., 2018).

1.9  Summary and Thesis Structure

This introductory chapter provided an introduction to the study by describing the research
problems, research objectives, research questions and significance of the study. The
chapter also discussed the research scope by explaining the factors that narrowed the
focus on this study. The operational definitions were also outlined. This thesis comprises

five chapters. The remainder of this thesis is structured as follows:



Chapter One - Introduction includes the research background, the research problem
statement, research questions, research objectives, the scope of the study, the study

significance, as well as the operational definition of the terms used throughout the study.

Chapter Two — Literature Review sheds light on previous literature related to the study
context. This includes a review of the literature which critically describes knowledge
sharing behaviour within online health communities. Moreover, key theories that support
the construction of the proposed models have been reviewed. Additionally, this chapter
discusses the interrelation of concepts and constructs of this study, thereby guiding the
research and development of the research hypotheses. Lastly, a review of previous
models for knowledge sharing behaviour in the health sectors was conducted. This

defines the research gap and presents conclusions.

Chapter Three — Research Methodology covers the methodological phases followed in
the study. This includes research approaches, research design, the strategy of research,
population, sampling technique and sample size, research instruments, data collection

procedures, data analysis process and tests used.

Chapter Four — Data Analysis presents the results from data analysis and the
interpretation of these results. This chapter begins by examining the fundamental issue to
ensure that the collected data fits with the proposed conceptual model. Furthermore,
initial steps were applied to ensure the purity of the data and testing of the hypotheses by
using correct statistical tests. Next, descriptive statistics were reported for each construct.
The assessment of the measurement model and structural model was conducted at the
main phases of PLS-SEM approach. Finally, the result of hypotheses testing was

summarized.

Chapter Five — Discussion and Conclusion discusses the research findings for each of the
research objectives and questions, theoretical and practical contributions, as well as

explaining the limitations and recommendations for future works.
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CHAPTER 2

LITERATURE REVIEW

2.1 Introduction

This chapter will cover the current literature review of knowledge sharing behaviour
concept and its relation to the knowledge management approach. This chapter also
illustrates the issue of knowledge sharing behaviour in online communities to highlight
the benefit of sharing knowledge behaviour in these communities. Different studies have
been examined in details to match the scope of the current study. Next, the chapter
presents an understanding of the underlying theories used to find the relationship among
the research variables, where two theories were found to cover these relationships among
the individual factors. Moreover, the current status of healthcare in Jordan is briefly
discussed in this chapter. Also, the chapter explains the theoretical and hypothetical
model pertaining to the study objectives. This enables the researcher to empirically test

the hypothesize relationships between the proposed variables.

2.2  Knowledge

There are different perspectives that define knowledge. One perspective view defines
‘knowledge as objective’ based on a positivist view (Baskerville & Dulipovici, 2006;
Wasko & Faraj, 2005). This perspective proposes that knowledge can exist regardless of
people who know it and regardless of the context wherein knowledge is created.
Knowledge can be separated from the human mind and exist independently ( Wasko &
Faraj, 2005). Based on this perspective, knowledge management strategies adopted by
organizations aim to codify and convert personal knowledge into the structured
organizational set which is stored in organizations’ knowledge repositories (e.g.

documents and electronic database).

While Hung et al. (2015) view knowledge as ‘embedded in individuals and residing in
the human mind’ it is inseparable from those possessing it. This second perspective

recognizes that knowledge is tacit and context-based. Knowledge is rooted in an
11



individual’s actions and experiences, and accordingly is difficult to communicate. People
can only externalize their knowledge into explicit form (e.g. articles or speeches) to be

accessed by others (Zhang, 2010).

Knowledge embedded in an individual’s perspective requires knowledge of management
strategies focusing on human resources management ( Wasko & Faraj, 2005). People are
encouraged to interact with each other. Through individual interactions, people may
obtain useful information that he/she can apply in situations and from which new
knowledge can be gained (Koskinen et al., 2003). According to Kakabadse et al. (2003),
information is a form of messaging. Information standing alone is less useful until
someone applies it to a specific situation and internalizes it into knowledge with his/her

personal elements (e.g. belief, interpretation, and judgment).

A third perspective regards knowledge as being embedded in the community and defines
knowledge as the social practice of knowing (Forces et al., 2013). This perspective
suggests that knowledge is developed in the context of a community and exists in the
form of routinely shared languages (Ozlati, 2012). According to this view, organizations
formulate communication strategies to encourage knowledge sharing among a group of
people. It also promotes the sharing of experiences and story-telling among people who

possess similar backgrounds and interests ( Jain et al., 2015).

Based on the above-mentioned perspectives, the author found that our case is more to be
fitted with the third perspective. This is mainly because this perspective suggests that
knowledge sharing among groups of individuals was usually formulated by organizations

as a strategic communication tool by which to facilitate sharing knowledge.

2.3 Knowledge Management

Many researchers have previously defined knowledge management (KM). Huang et al.
(2014) defined KM as ‘the process capturing, sharing and leveraging the expertise of a
company in order to improve the decision making process so as to achieve organizational

goals’. Similarly, Nicolas (2004), defined KM as an efficient process for creating,
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acquiring and disseminating, leveraging and utilization of knowledge in order to maintain

a competitive advantage to achieve organizational objectives.

According to Hsiu et al. (2007), knowledge management focuses on the facilitation and
management of activities related to knowledge; these activities include creation, capture,
transformation and the utilization of knowledge itself. The concept refers to the
facilitation of knowledge workers by an emerging set of organizational designs,
operational principles, processes, applications and technologies (Hsiu et al., 2007). The
knowledge workers strive to enhance creativity and capability so as to deliver value to
their respective organizations. Thus, it is emphasized that organizations which aim to
succeed place importance on the acquisition of knowledge. Hsiu et al. (2007), detailed
the difficulties organizations face to survive because of inappropriate knowledge
management initiatives. Thus far, it is apparent that KM has been regarded by past

researchers as a crucial element for organizations.

At the core of KM lies the exchange of information and knowledge among employees.
The KM process includes discovery, capture, sharing, and application, further subdivided
into seven processes. Nonaka (1994) highlights four of these seven processes, which
include socialization, externalization, internalization, and combination. Grant (1996)
highlights the remaining three processes, which are an exchange, direction, and routines
respectively. In another classification of KM, Alavi & Tiwana (2003) proposed three
different processes, which include knowledge acquisition, knowledge sharing, and

knowledge utilization.

The review of the literature revealed that knowledge sharing is an important element by
which to maintain organizations in modern flexible and competitive markets. This is
evident from previous literature that showed a continuous lack in knowledge sharing
rather than other knowledge management elements for both individual and organizational

levels in all managerial branches (Abzari et al., 2016; Hoof et al., 2009).
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2.4  Knowledge Sharing behaviour

Knowledge sharing behaviour is the basic means through which employees can
contribute to knowledge application, innovation and, most importantly, the competitive
advantage of an organization (Jackson et al., 2006). The basic act of ‘sharing’ is defined
by Sharratt & Usoro (2003) ‘as a process whereby a resource is given by one party and
received by another’. Knowledge sharing comprises a set of shared understanding, which
Is related to providing employees with access to relevant information through knowledge
networks within organizations (Hoegl et al., 2003). Hence, knowledge sharing lies at the
center of success within organizational knowledge management strategies (Chaudhry,
2005). Additionally, it is considered an essential factor for the knowledge responsible for
successful organizational performance to be shared in one organization or through other
organizations within a particular context ( Liao et al., 2004).

Sharing knowledge should be organized and managed for any given part of the institution,
ranging from a single user through a department to worldwide institutions (Connell et al.,
2014). As indicated by Hidding & Catterall (1998) sharing knowledge through
organizations in other societies could spread their cultures along with technological
settings. Furthermore, this aspect could influence the motivation and willingness of
individuals to share appropriate knowledge (Alsharo et al., 2016). Knowledge sharing
implies face to face interactions and communications in organizations (Cross et al., 2001).
When knowledge is shared between employees, it will be much more shareable within
the organization (Davenport et al., 1998). Sharing of this knowledge from different
individuals and organizations can help organizations to improve and maximize their
performance as well as reduce errors (Renzl, 2008). It is also known as the process of
communication, which allows individuals to share knowledge both inside and outside an
organization (Hendriks, 1999).

Sharing of personal knowledge by individuals with each other can create new changes in
the way work is done within organizations (Mooradian et al., 2006). In this context,
researchers have found a significant relationship between personal knowledge and
growing general knowledge of an organization (Spender, 1996). Effective knowledge

sharing relies on the employees' ability to arrange the knowledge that they derive through
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a system of connections (Andrawina et al., 2008). Davenport et al (2002) proposed that
knowledge sharing between individuals in an organization is a type of social exchange

behaviour.

In addition to creating new changes, knowledge sharing results in the creation of new
knowledge and increases competitive advantages. It may also affect the nature of
individuals’ jobs, so they are not stuck in the same work or organization. Hence, when
individuals leave to work in another organization it becomes easier to continue to share
knowledge with these individuals (Abduljalal et al., 2013). Moreover, it becomes both
easier for organizations to find the information that they require across employees and

faster to adopt new technology and businesses (Bulan & Sensuse, 2012).

According to Chiuet al. (2006), knowledge sharing involves at least two parties: one
possessing knowledge and the other seeking knowledge. Hendriks (1999) argues that
knowledge sharing is different but related to information sharing. Since knowledge is
rooted in the human mind it is difficult to be shared (Goh & Sandhu, 2017). In order to
share knowledge with others, the individual who possesses knowledge first needs to
externalize or codify his/her personal knowledge into information (called explicit
knowledge) in a specific form (e.g. speech, acts, sketch or writing). People who seek
knowledge then take the action of internalization, such as learning by doing, interpreting

the codified knowledge on the existing knowledge base, etc.

2.5  Knowledge Sharing behaviour in Online Communities

Internet technologies or online communication can be seen as another way to
communicate and share knowledge (Hara et al., 2007). The growth of information
technology has helped organizations to acquire and share knowledge with their members
and has become one of the most critical factors in successful knowledge sharing (Davison
etal., 2013; Supar, 2012). Furthermore, knowledge via IT is less expensive and less time

consuming then face to face knowledge sharing.

The online community can facilitate knowledge sharing ( Hsu et al., 2007). Knowledge

sharing is a conveyance behaviour wherein individuals disperse their obtained
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knowledge, experiences, and skills to others (Hsiu et al., 2007). In contrast to traditional
real-world communities, members of online communities are distributed in scattered
geographic locations. Psychologically, due to the lack of face-to-face exchanges among
online community members, the construction of a strong bond among these members is
scarce. Therefore, many researchers have investigated knowledge sharing behaviours in
various online communities, such as professional, online question answering, and online

investment communities (Cheung et al., 2013; Park et al., 2014; Song et al., 2010).

In today’s knowledge-based organizations, successful knowledge sharing requires a
hybrid of people and technology (Ozlati, 2012). This is supported by Charband &
Navimipour (2016) who stated that the common advantages of using online communities
to share knowledge include an increase in an employee’s productivity, performance,
creativity and quality of communication. It may even lead to publishing online knowledge
of information systems, thus enabling the information to be shared within a short period

of time and made available to the masses.

2.6 Knowledge Sharing behaviour in Online Healthcare Communities

Effective knowledge sharing is the main issue in healthcare organizations, even though
it is a necessity for all healthcare professionals (Bouma, 2011). Healthcare institutions
have started using knowledge sharing as a new practice, defining it as ‘‘team members
sharing task-relevant ideas, information, and suggestions with each other’’ (Burke et al.,
2006). Itis also an important element by which to increase a practice (Donna et al., 2012).
Mura et al. (2016) found that using knowledge sharing practices in healthcare
organizations has a positive effect on patients’ safety. According to Tuntrabundit (2017),
knowledge sharing is an essential feature in today’s healthcare and can be known as
collaborative work among professionals (Chau & Hu, 2002). Individuals who work in
healthcare institutions can use knowledge sharing in the case of their patients, thus
making it easier to share information about patients’ diagnoses and treatments (Bouma,

2011).

The benefit of OHC is that they allow members to engage in sensitive topics, such as
pregnancy, menstruation, sexuality and other such personal information with regards to
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health (Rai et al., 2012). Thus, the topic of OHC has recently received considerable
attention from health practitioners. Several members go so far as to opt for self-
diagnosing through OHC rather than physically visiting the hospital (Tanis et al., 2016).
Everyday users tend to be well-educated on matters related to disease causes, treatment
advice and preventive actions by simply inputting personal health information in an OHC
forum (Coulter et al., 1999; Eysenbach & Jadad, 2001). Also, OHC benefits greatly from
advanced internet technology and has recently emerged as a powerful medium among
health practitioners and members of OHC (Zhao et al., 2013).

Participants who share knowledge within OHC view contribution as a perceived benefit
as they may find joy in enhancing their own knowledge or social value in the act of
educating others (Zhang et al., 2017). Other perceived benefits may include financial
incentives from the community (as fees or donations), the joy of interaction with other
community members, and /or an increased reputation within the community due to their
contributions (Yan et al., 2016b).

Reviewing the literature for previous related models on online healthcare communities
revealed some works applied for different environments as shown in Table 2.1. For
example, Zhang, et al. (2017), proposed a model for knowledge sharing intention in an
online health community in China. The main reason for developing such a model was
justified by them as to positively influence the intention of health professionals and
normal users to share knowledge. They used the motivation theory to support the
relationship among the IVs on one hand, represented by two domains; intrinsic
(knowledge self-efficacy, altruism, and empathy) and extrinsic (reputation and
reciprocity) motivations of health professionals and normal users and the DV
(Knowledge sharing intention in online health communities in China) on the other hand.
Their results showed that reciprocity and altruism have a positive effect on the knowledge
sharing intention of both health professionals and normal users. Moreover, reputation and
knowledge self-efficacy have a significant influence on the knowledge sharing intentions
of health professionals rather than normal users; whereas reciprocity, altruism, and
empathy have a significant influence on the knowledge sharing intentions of normal users

rather than health professionals.
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Additionally, Zhang et al. (2017b), proposed a model by which to explore the factors
that affect the intentions of sharing knowledge in healthcare Question-and-Answer
communities by integrating social capital and motivation theories. The effects of the
intrinsic and extrinsic motivations of two user types were examined and compared. The
results showed that social capital positively affected intrinsic and extrinsic motivations,
which in turn positively influenced the intention of health professionals and normal users
to share knowledge. Motivations of members fully mediated the effects of social capital
on knowledge sharing intentions. Specifically, intrinsic motivation influenced knowledge
sharing intention more for health practitioners rather than for normal users. Conversely,
extrinsic motivation influencing the knowledge sharing intention bore the same result

more for normal users rather than for health practitioners.

Moreover, Lai & Chen. (2014) developed a model to examine the predictors of
knowledge sharing intentions in Taiwan. They incorporated extrinsic and intrinsic
motivation, as well as intra-community factors to be the dimensions of their model. They
found that the most influential factors affecting the knowledge-sharing intentions are
intrinsic motivational factors (enjoyment in helping others and knowledge self-efficacy).
On the other hand, knowledge-sharing intentions are also affected by extrinsic
motivational factors (reciprocity and reputation). Intra-community factors, such as
perceived moderator’s enthusiasm, offline activities, and enjoy ability also affect

knowledge-sharing intentions.

18



Table 2.1 Previous Related Models

Title & source Constructs Objectives Respondents Country Theory
Social capital, motivations, and L.V To justify the positive Users of health Q&A China Individual
knowledge sharing intention in Intrinsic: influence on the communities. motivation and
health Q&A communities. -Knowledge intention of health Social capital
Self-efficacy. professionals and theories.
Zhang et al. (2017) -Altruism. normal users to share
-Empathy. knowledge.
Extrinsic:
-reputation
- reciprocity
DV-Knowledge sharing intention in online health communities in China.
Knowledge sharing motivations in L.V To explore the factors Health professionals China Motivation
online health communities: A -social capital that affect the intentions and normal users. theory.

comparative study of health
professionals and normal users.
Zhang et al. (2017b)

-Intrinsic motivations.
-extrinsic motivations.

DV -knowledge sharing intention.

of sharing knowledge in
health Q&A

communities.
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Table 2.1 Previous Related Models (Continue)

Title & source Constructs Objectives Respondents Country Theory

Knowledge sharing in interest L.V To study the influence of Online survey Taiwan Social

online communities: A Extrinsic Motivation knowledge sharing capital

comparison of posters and lurkers -Reputation intention in Taiwan. theory

-Reciprocity &

H.-M. Lai & Chen. (2014) Intrinsic Motivation Social
-Enjoyment in Helping Others exchange

-Knowledge Self-Efficacy theory

Intra-Community Factors
-Perceived Moderator’s Enthusiasm
-Offline Activities
-Enjoy ability
D.V Intention to Share Knowledge
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2.7 Healthcare Sector in Jordan

The Ministry of Health in Jordan (2018),noted that the development in Jordan’s
healthcare began after it became the Hashemite Kingdom of Jordan, its independence and
its unity with the West Bank. In fact, the pioneering Ministry of Health was set up on
December 14, 1950, after which six health departments were established, with physician
leaders in different locations in the Kingdom, who remained answerable to the Ministry
of Health (MOH).

The first nursing college in the country was built in 1953, and the first physicians
association and central laboratory for medical tests came into being in 1955. Nineteen
sixty-two marked the establishment of Prince Mona Nursing College, after which, the

first insurance system was set up for military members and families the following year.

By 1965, the same was established for civil servants and by the 1970s, the first medical
faculty in the form of Jordan University was established, marked by the inauguration of
the Allied Medical Professions Institute in Irbid, and the Medical Hussein City run by
military staff. The pioneering pharmacy faculty was set up by 1980 in Jordan University.

In the current times, Jordan has high-quality healthcare system when it comes to the
required healthcare facilities. The country recorded 104 hospitals by 2014, with 31 of
them under the MOH, 12 under the Royal Military, 2 as university hospitals, and the rest
(68) were private hospitals. The number of hospital beds were reported to reach 12798,
divided as follows; 5094 under MOH, 2269 under Military Services, 1090 under
universities, and 4345 as private hospitals (Ministry of Health in Jordan, 2018).

The literature review discovered that many researches have been undertaken to assess an
individual’s needs to impart knowledge in the online healthcare community. However,
only limited researches have been accomplished with regards to the function of social
exchange including its interaction with social cognitive. Therefore, it is crucial to study
this interaction in this study. Next section will describe Social Exchange Theory and

Social Cognitive Theory as the underlying theories of this study.
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2.8 Underlying Theories

2.8.1 Social Exchange Theory

Social exchange theory (SET) was developed by Blau (1964) and has been used as the
most influential conceptual base for understanding workplace behaviour and relationship
(Cropanzano & Mitchell, 2005). This theory posits that the exchange of the behaviour
between people is conditional upon the cost and benefit associated with that behaviour
(Homans, 1961). In an exchange of behaviours, people will make a comparative analysis
of the cost and benefits associated with the behaviours. In other words, people will
compare whether the value of the behaviours received is comparable with the values of
the behaviour returned. Further, the theory suggests that before executing certain
behaviours, people will cognitively conduct either an external or an internal cost and
benefit analysis. If the benefits of behaviours exceed the cost of that particular behaviour,
it is likely that people will engage in that exchange behaviour (Liao, 2008). In contrast,
if the costs exceed the benefits for a particular behaviour, people will programmatically
terminate the behaviour (Goh et al., 2013). Thus, the purpose of the exchange relationship
is to maximize the benefits and minimize the costs (Othman & Skaik, 2014). Blau (1964)
posit that people engage in social exchange only when they believe that there is a benefit

associated with that behaviour or exchange.

Knowledge sharing is one form of social exchange (Mafabi et al., 2017) and knowledge
is considered to be a vital resource for exchange, especially in online communities
(Jinyang, 2015b). WeiLi et al. (2017) argued that social exchange theory is one of the
most famous in explaining knowledge sharing behaviours. This theory has been
employed in investigating behaviour pertaining to knowledge sharing (Goh & Sandhu,
2017; Kankanhalliv et al., 2005; Homans, 1958). According to SET, individuals
exchange their knowledge with others because they believe that such behaviour of
knowledge sharing will be reciprocated with positive behaviours or benefits. SET also
suggests that knowledge givers exchange information only with the expectation that
valuable knowledge will be returned (Zafer, 2017).
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Peter Michael Blau (1964) emphasized that SET could provide valuable insights to
explain contexts in which individuals decide to either withhold or share knowledge
(Cropanzano et al., 2005; Kim et al., 2015). Knowledge itself could be thought of as a
resource which is intangible and may be exchanged socially (Ritala et al., 2015). In terms
of costs and benefits, knowledge given through social exchange counts as a cost (because
of time and effort) and knowledge received as a benefit (Kankanhalli et al., 2005; Lo,
2015). SET could provide clear ideas about the situation of how individuals can decide
whether to participate in knowledge sharing behaviour or not (Blau, 1964). Furthermore,
this theory posits that an individual has ultimate control over their interactions with others
(Liang, 2016). The theory views interpersonal interaction as a process in which various
parties conduct activities and exchange valuable resources with one another (Kim et al.,
2015).

As discussed above, SET proposes that individuals are willing to share their knowledge
because they believe that such behaviours will be reciprocated accordingly with desirable
benefits and these benefits will outweigh the cost of the knowledge sharing ( Chuang, &
Hsu, 2013). These benefits may be in the form of a reward system or economic incentives
provided by the organization, such as salary and bonus increase, promotion, and job
security (Bock et al., 2005). SET identifies reciprocity on the history of exchanges
occurring over time, with positive benefits generally not reciprocated right away (Bartol
et al., 2009). Nevertheless, individuals have been shown to share knowledge mainly
under the assumptions of expected future benefits not outweighing the costs of the

knowledge sharing activity itself (Nor, 2011).

Liang (2008) points out that, among several other theories related to studies on
knowledge, social exchange theory is one of the most famous in explaining knowledge
sharing; according to this theory, individuals exchange their knowledge because they
realize the benefit that may result from such behaviour. Hence, people who share
knowledge in organizations that provide an environment to support a positive perception
are more likely to stay satisfy with their jobs. According to Ismail et al (2010) SET
addresses an individual’s knowledge-sharing behaviour. According to this theory,
individuals themselves control their interaction with other individuals ( Liang, 2008).

SET provides a method of deal with sharing. While keeping in mind the end goal to
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expand as set picked up, people may fabricate social associations with others by sharing
their insight (Dong et al., 2017).

Past literature has detailed that elements identified with the SET are effective in clarifying
knowledge sharing conduct among people. They incorporate individual cognizance,
interpersonal collaboration, and hierarchical settings (Liang, 2008). SET could provide
clear ideas about the situation of how individuals can decide whether to adapt in
knowledge sharing behaviour or not (Blau, 1964). The main aspect of social exchange in
the workplace is that the nursing supervisors’ behaviour may impact subordinates’
behaviour (Yun, 2016). Nursing supervisor may need to try and provide more resources

to encourage employees’ knowledge sharing (Kim et al, 2015).

Individuals in online communities also tend to take part in knowledge sharing. SET
implies that appropriate KS behaviour has an impact on strengthening bonds among
organization employees. Even despite this, knowledge sharers in online communities
tend to lose their value and benefit contributors, due to the fact that effort and time entails
a price (Ali et al, 2016). SET has been commonly employed to investigate behaviour
pertaining to knowledge sharing (Goh et al., 2017; Kankanhalliv et al., 2005). As an
example, Peter Michael Blau (1964) put forth the idea that the social exchange among
individuals takes place due to social attraction. Thus, parties tend to engage in the social
exchange only when both are convinced that there lies useful information with the other.
This leads to a need to garner the appropriate resources to meet an agreement for a
feasible social exchange. It has previously been shown extensively that knowledge

sharing is one form of social exchange (Mafabi,2017).

As mention in previous, SET proposes that individuals are willing to share their
knowledge because such behaviour brings desirable benefits and have outweighed the
cost of knowledge sharing in their mind ,These benefits may take the form of a reward
system or economic incentives provided by the organization, such as salary and bonus
increases, promotion, and job security (Todorova et al, 2014). Within the context of social
exchanges, individuals help others with the expectation of future gains. Knowledge itself
could be thought of as a resource which is intangible and may be exchanged socially

(Ritala et al., 2015). In terms of costs and benefits, knowledge given through social
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exchange counts as a cost (because of time and effort) and knowledge received as a
benefit (Lo, 2015). In this theory, the interpersonal interaction is a process where different
parties exchange beneficial sources with each other. Social exchange and interactions
among colleagues are crucial for encouraging knowledge sharing behaviour (Goh and
Sandhu, 2017).

Radaelli et al. (2014), Park & Lee (2014), long Wu et al. (2013), Kim et al. (2015), Tuan
et al. (2016), Lo. (2015), Yan et al. (2016), Goh & Sandhu (2017), WeiLi et al (2017),
Mura et al. (2016) investigated the social exchange theory in different fields and found
that the SET has been recognized as the most common theory that was used in the
healthcare context. Following the theoretical and empirical discussion, the researcher
expects that SET will play a key role in determining an individual’s perception towards
sharing knowledge, specifically, in online communities. Hence, the researcher presumes
that the relationship between individual factors and knowledge sharing behaviour among
nursing supervisors in online healthcare communities is best explained by SET.
Consequently, According to Jinyang (2015), knowledge is considered a vital resource for
exchange, especially in online communities. Thus, following SET, when the benefit
exceeds the cost, there will be a high probability of knowledge sharing behaviour among
nursing supervisors in the online community. In contrast, when the cost exceeds the

benefit, the tendency for knowledge sharing will be very low.

2.8.2 Social Cognitive Theory

The social cognitive theory (SCT) was developed by Bandura (1989) and has been used
in predicting individual behaviours. This theory posits that individual behaviour is shaped
by the triadic reciprocal interaction among internal factors such as, namely: individual
cognition; social factors such as the social group (online health community);
environmental factors and an individual’s expectation and belief (Bandura, 2001). The
two major types of expectation beliefs that guide individual behaviour are expected
outcomes and individual self-efficacy respectively (Bandura, 1989). Furthermore, an
individual self-efficacy, expected outcomes and the perceived benefit from those
outcomes have a significant influence on the individual cognitive process and individual

behaviours (Hawley et al., 2010).
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Self-efficacy refers to “people's judgment of their capabilities to organize and execute
courses of action required attaining designated types of performance” (Lent, 1996). It is
“one of the most theoretically, heuristically and practically useful concepts formulated in
modern psychology” (Betz et al., 1996). Prior research has demonstrated that self-
efficacy lays the foundation for personal achievements, personal well-being, and human
motivation. Bandura (1977) explained that “people's level of motivation, affective states,
and actions are based more on what they believe than on what is objectively true”
(Cherian & Jacob, 2013). Over the last few decades, the researchers have emphasized the
importance of individual self-efficacy and expectation in predicting individual health

behaviours.

SCT focuses mainly on the concept of self-efficacy, which is considered as “one of the
most theoretically, heuristically and practically useful concepts formulated in modern
psychology” (Betz et al., 1996). Other authors have also given their opinions on self-
efficacy. For example, Lent (1996) states that self-efficacy actually refers to “people's
judgment of their capabilities to organize and execute courses of action required attaining
designated types of performance”. The concept of self-efficacy lays the foundation for
personal achievements, personal well-being, and human motivation. Bandura (1977)
regards the role of self-efficacy beliefs in human functioning as “people's level of
motivation, affective states, and actions are based more on what they believe than on what
is objectively true”(Cherian et al, 2013). Self-concepts are considered to reflect people’s

beliefs on their own efficacy or effectiveness to execute tasks (Aslam et al., 2018).

The SCT implies that the outcomes from personal and performance standpoints of an
individual would be developed based on expected incentives or consequences associated
with the behaviour (Compeau et al, 1999; Hsu et al., 2007). Actors of the personal- and
performance-related outcome expectations include the benefits/rewards which follow an

individual’s knowledge sharing behaviours (Wang et al, 2015).

Researchers have used SCT in explaining the relationship between self-efficacy and
specific behaviours. For example, Schunk et al. (2008) stated that an individual’s
knowledge sharing behaviour is partially shaped and controlled by social network

influences, i.e. the social systems and the individual’s self-efficacy and expectations. In
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sum, the literature suggests that SCT is an important framework for understanding human
behaviours such as individual performance, motivation, lifestyle, career choice, and
knowledge sharing behaviour (Bandura, 1999; Wang et al., 2019). Thus, keeping in view
the importance of SCT in explaining the relationship between individual behaviours and
self-efficacy, this study will employ SCT to examine the moderating effect of knowledge
self-efficacy of the relation between individual factors and knowledge sharing behaviour,

specifically, in online healthcare communities.

Previous studies have shown that an individual with high self-efficacy tends to pursue
activities with more drive and passion; and use cognitive resources efficiently to execute
a task (Bandura, 1999). Previous literature has also empirically confirmed this concept
(Alireza et al., 2013; Chen et al., 2012; Tsai et al., 2010). Furthermore, individuals with
high levels of self-efficacy tend to be more self-confident and motivated. SCT suggests
that individual motivation and action are situationally bounded and an individual is more

or less likely to undertake a specified behaviour ( Kreps et al., 2011; Font et al., 2016).

SET covers the individual factors that affect knowledge sharing behaviours. However,
SET ignores the role of self-efficacy, which is the main component of knowledge sharing
behaviour. As mentioned earlier, higher levels of self-efficacy tend to make individuals
more self-confident and motivated. Thus, the individual would pursue activities with
more drive and passion while using cognitive resources to successfully execute a task
(Bandura, 1999). Various researchers have empirically confirmed this concept (Chen et
al., 2012; Tamjid et al., 2013; Tsai et al, 2010). Therefore, it can be concluded from the
aforementioned findings from studies that self-efficacy has a strong influence on
changing and affect an individual’s behaviour (Cherian et al, 2013). Thus, the SCT has
been integrated into the study to support the SET, which believed will support the pursue
of knowledge sharing behaviour among nursing supervisors in online healthcare through

social exchange and cognitive resources.
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2.9 Individual Factors of Knowledge Sharing behaviour

In the process of knowledge sharing, individuals serve as both knowledge generators and
knowledge receptors. Individuals generate knowledge by exchanging their ideas and
experience through socialization. As a receptor of knowledge, individuals seek and
interpret the knowledge before it is transferred to any repository (Nor, 2011). In this
process, it indicates that sharing of knowledge depends on the conscious effort of an
individual who has to set the ball rolling for knowledge to be either shared or hoarded.
Prior researchers such as Cabrera et al. (2006), Sheng et al (2010) widely recognize the
influence of individual factors on knowledge sharing. For instance, let us imagine a

scenario where an employee comes to know about a work problem faced by a colleague.

The employee may have the solutions to the problems and may choose to share or not
share the knowledge with colleagues. The decision to share the knowledge may be
influenced by his or her personal beliefs on knowledge sharing. The example indicates
that individuals play a pivotal role in the process of knowledge sharing. Ali et al (2016)
posit that the knowledge management process and knowledge sharing will not be
successful within an organization without the involvement of humans. Therefore, it is

important to understand individual factors that influence individuals to share knowledge.

The influences of various individual factors that affect knowledge sharing have been
widely emphasized by researchers such as (Cabrera et al., 2006; Sheng et al, 2010).
Although the importance of individual personal beliefs has been stressed by (Lin, 2007).
These have been often conceptualized as expected rewards, associations and contribution
(Fullwood, 2016).

Social exchange assumes that employees participate in exchange behaviour in the hopes
that the benefits will outweigh the costs (Liao, 2008). However, it was pointed out by
Bock et al. (2005) that the motivations for social exchange cannot always be priced in a
quantitative manner. Other factors such as ‘personal obligation, gratitude and trust’ come
into play as well. According to this perception of social exchange, the benefits are more
intrinsic with predictable connotations of the aforementioned factors (Kankanhalli et al.,
2005).
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Hsiu et al (2007) discovered that intrinsic motivators such as associations with others
were significantly linked to knowledge sharing behaviour whilst extrinsic benefits such
as organizational rewards did affect sharing. Expected contribution refers to a belief by
employees that their knowledge sharing will result in enhanced organizational
performance (Bock et al., 2005). And will gain confidence in their capability to provide

knowledge that is valued by the organization (Fullwood, 2016).

The present research reviewed the literature to identify the main factors that may affect
knowledge sharing in online communities. Drawing from the identified factors displayed
in the studies in Table 2.2, it was noticed that some factors are used more frequently than
others, due to their strong impacts. These factors have been proven to facilitate the
knowledge sharing behaviours of individuals in different contexts such as healthcare,
education, and SMEs. Thus, such factors are essential to be investigated in other work
settings and countries. From 170 reviewed articles 31 was the most relevant to the current
study. Therefore, the variables were selected for the context of the framework. The
proposed model and factors were evaluated through expert’s panel including four

academic experts in knowledge management field.

From 15 of the 31 reviewed articles, trust was considered to be one of the most frequently
utilized factors, as it was revealed to display a constructive outcome on raising knowledge
sharing (Ali & Dominic 2016; Chai et al., 2014; Dereje et al., 2016; Jinyang 2015; Ma et
al. 2014; Park & Lee 2014; Zhang et al. 2017; Ologbo & Knight 2015). From the review
it could be noticed that the second most studied factor was reciprocity (Abzari et al.,
2016; Chai et al., 2014; Goh and Sandhu, 2017; Hassandoust et al., 2011; Jinyang, 2015;
Ma et al., 2014; Park & Lee, 2014; Xi Zhang et al., 2014; Zhang et al., 2017), and shown
to have a positive correlation to KS. Next were the self-efficacy (Ologbo & Knight, 2015;
Zhang et al., 2014; Zhang et al., 2017; Zhang et al., 2017a), and shown to have a positive
effect to KS, and followed by reputation ( Zhang et al., 2014;Yan et al., 2016; Zhang et
al., 2017; Zhang et al., 2017b) which shown to have a positive correlation to knowledge

sharing.

29



Table 2.2 Studies of individual’s factors in knowledge sharing

Individual’s factors in knowledge sharing

No

© 00 N oo g b~ W N P

-
o

Authors by years

Ability
Willingness
Attitude

Hassandoust et al. (2011)

Chennamaneni et al. (2012) X

Alali and Salim. (2013)
Radaelli et al. (2014) X
Hyun Lee and Hong. (2014)
Park and Lee. (2014)
Wau et al. (2013)
Chai et al. (2014)
Xi Zhang et al. (2014)
Faizuniah Pangil. (2014)

Subjective Norm

X

Knowledge Assets

Reciprocity

X

Behavioural Control

Presentism

Reputation

Servant Leadership

§ES
- a2 E
X
X
X
X
X
X
X

Empathy

Reward

User satisfaction

Network Centrality
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Table 2.2: Studies of individual’s factors in knowledge sharing (continue)

Individual’s factors in knowledge sharing

No

11
12
13
14
15
16
17
18
19
20
21
22

Authors by years

Hejase et al. (2014)
Khosravi and Ahmad. (2014)
Ologbo and Knight. ( 2015)
Jinyang. (2015)
Shaari et al. (2015)

Kim et al. (2015)
House et al. (2015)
Mafabi et al. (2017)
Mura et al. (2016)
McGrane. (2016)
Jung-Chieh Lee et al. ( 2016)
Ali and Dominic. (2016)

Ability

Willingness

Attitude

Subjective Norm

Knowledge Assets

Reciprocity

Behavioural Control

Presentism

Reputation

Servant Leadership

Trust

Self-efficacy

Altruism

Affiliation

Empathy

Reward

User satisfaction

Network Centrality
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Table 2.2: Studies of individual’s factors in knowledge sharing (continue)

Individual’s factors in knowledge sharing

No

23
24
25
26
27
28
29
30
31

Authors by years

Tuan. (2016)
Rutten et al. (2016)
Roba et al. (2016)

Lo (2015)

Yan et al. (2016)
Zhang et al.(2017)
Goh and Sandhu. (2017)
Wei-Li Wu & LEE. (2017)
Zhang et al. (2017b)
Total

Ability

Willingness

Attitude

Subjective Norm

Knowledge Assets

Reciprocity

Behavioural Control

Presentism

Reputation

Servant Leadership

Trust

14

Self-efficacy

Altruism

Affiliation

Empathy

Reward

User satisfaction

Network Centrality
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Table 2.2 presents the literature results for 31 different studies, as well as the factors and
the method being used. Table 2.2 showed that some factors such as trust, reciprocity,
reputation, and self-efficacy are commonly used which have a positive effect on
knowledge sharing in several contexts; including, healthcare, education, and SMEs
domains. According to SET, individuals who exchange knowledge, believe that such
behaviour of knowledge sharing will be reciprocated with positive behaviours or benefits.
SET also suggests that knowledge givers, exchange information, only if the expected
valuable knowledge is returned (Zafer, 2017). However, altruism is opposite of the SET
criteria, which is demonstrated in sharing insights but not expecting reciprocation
(Esmaeilzadeh et al., 2015). Due to this reason, this factor is excluded from the selection
of factors for KS behaviour. One of the factors that received little attention from the
researcher is the ability to share. In fact, this has been used only twice, despite having a
strong significant impact on knowledge sharing (Khosravi et al., 2014; Radaelli et al.,
2014). Meanwhile, the factors of trust, reciprocity, reputation, and ability to share were
selected as they were found to be supported both by literatures and SET, respectively.
The following section presents the development of research hypotheses for every single

relationship.

2.10 Development Hypotheses

2.10.1 Trust and Knowledge Sharing Behaviour

Trust is defined as the act of becoming open to people based on beneficial recognition of
their actions (Gambetta, 2000). When people trust one another, they believe that another
individual will not cause them any harm. Inkpen & Tsang (2005) demonstrated that trust
is the most cost-effective technique by which to instil knowledge sharing within an
organization. When there is trust among organization members, there naturally tends to
be higher levels of cooperation and commitment among people (Molm, 2003).
Furthermore, interpersonal trust (i.e. trust among people) has been shown to contribute
to the advancement of knowledge sharing among employees (Nonaka & Takeuchi, 1995).

Further, the levels of risk and uncertainty associated with hidden knowledge are reduced
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by interpersonal trust (Foos et al; 2006). The above theoretical and empirical evidence
implies that people tend to be motivated to share their knowledge when they perceive
recipients to be trustworthy. Thus, greater levels of trust could lead to higher occurrences
of knowledge sharing because individuals do not expect negative outcomes from those
they trust and share their knowledge with (Jinyang, 2015a; Gansiniec, 2017; Zafer, 2017).

The difficulties involved in knowledge sharing were detailed by Gupta & Govindarajan
(2000), who describe it as a “sickness” of knowledge. It was further stated that sickness
abounds because of the cause-effect uncertainty of knowledge shared as well as the
potentially difficult bond between the individual giving knowledge and the individual
receiving it. Their research further concludes that a stronger relationship, with trust at its
foundation between the knowledge donor (one giving knowledge) and knowledge
collector (one receiving knowledge), could lead to a better knowledge sharing process. It
was suggested by various researchers that if trust exists, individuals are more prone to

share useful knowledge (Kouzes & Posner, 2006).

Schoorman, Mayer, & Davis (2007), argued that individuals “are more willing to listen
to and absorb other’s knowledge”. Jain et al. (2015) proposed that a higher level of trust
strengthens emotional bonding among individuals because the individuals are better able
to understand one another and perceptions of unclear actions, doubt or the like on the part
of the perceived individual’s behaviour are likely to be avoided. Consequently, an
individual with more trust tends to be more likely to participate in knowledge sharing
(Cheng et al., 2008; Huang et al., 2008). Furthermore, Hu et al (2012) found that trust is
an important factor in sharing knowledge among team members, and increasing trust can

increase communication in order to share experiences.

When there is trust among organization members, there naturally tends to be higher levels
of cooperation and commitment (Molm, 2003). Furthermore, interpersonal trust (i.e. trust
among people) has been shown to contribute to the advancement of knowledge sharing
among employees (Rutten et al., 2016). It was even shown by Foos et al. (2006) that the
levels of risk and uncertainty associated with hidden knowledge are reduced by
interpersonal trust. It could be implied from past findings that people tend to be motivated

to share their knowledge when they perceive recipients to be trustworthy. Thus, greater
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levels of trust could lead to higher occurrences of knowledge sharing since individuals
tend to not expect negative outcomes from those they trust and share their knowledge
with (Jinyang, 2015a; Gansiniec, 2017; Zafer, 2017).

It is envisaged that trust could add value in the hospital to encourage and motivate nursing
supervisors to use and share their knowledge in online healthcare communities. Thus, the
overall discussion reveals that trust is an important element of knowledge sharing;
therefore, the author presumes that trust can facilitate knowledge sharing behaviour
among nursing supervisors in online health communities. Accordingly, the following

hypothesis has been developed:

H1: Trust will have a positive significant effect on knowledge sharing behaviour in

online healthcare communities.

2.10.2 Reciprocity and Knowledge Sharing Behaviour

Reciprocity refers to the perceived notion that a particular action calls for an equivalent
or almost equivalent exchange to the action being made (Davenport et al., 2002). Thus,
there is a tendency to expect certain rewards for one’s actions, especially for knowledge
sharing, as resources such as knowledge, energy and time are consumed in order to
engage in any knowledge sharing activity (Lo, 2015; Serenk et al., 2016). Researchers
have investigated the concept of reciprocity and attempted to define the concept. For
example, Strong et al (2008) proposed that mutual reciprocity is one of the key enablers
of knowledge sharing. Blau (1964) proposed that reciprocity refers to “actions that are
contingent on rewarding reactions from others and that cease when these expected
reactions are not forthcoming”. Bock & Kim (2002) stated that “Individuals who are
involved in virtual teams would share their knowledge when they perceive a
commensurate behaviour from the other partner”. Furthermore, researchers have found
that knowledge sharing within communities of practice is enhanced through individual
reciprocity behaviour Wasko & Faraj (2005). Chiu et al. (2006) conclude that reciprocity
has a positive significant relationship with knowledge sharing behaviour. In the context
of knowledge sharing, the donor of the knowledge will decide whether the recipient
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possesses the potential of giving back a positive outcome. Thus, individuals tend to weigh

others’ capabilities before they exhibit a certain type of behaviour.

The act of exchange may count as a type of loss or gain as well. In the context of
knowledge sharing, individuals may receive knowledge and information from online
communities but are uncertain if the knowledge they share will be reciprocated (Chang
& Chuang, 2011). As a dictate of human nature, when individuals feel that their social
relationships are equal and likely to be reciprocated, the interaction among these
individuals would also likely be as with equals (Pagliari et al., 2007). In other words,
knowledge owners would only sacrifice their resource costs (i.e. time and effort) to share
knowledge if they perceive that the knowledge receivers would, in the future, reciprocate
and share knowledge back with them when they become the knowledge owners. Thus,
with the concept of reciprocity, knowledge sharing is achieved (Jinyang, 2015b). The
concept of reciprocity lies at the core of the social exchange theory, which proposes that
individuals engaged in social activities and relationships tend to contribute back to
society (Jinyang, 2015b). Reciprocity, as mentioned earlier, refers mainly to expectations
of future benefits after an individual has contributed (Feng et al., 2016).

Reciprocity may have the ability to provide an effective incentive for knowledge sharing
activities and foster a knowledge sharing environment for future organizational benefits
(Bock et al., 2005; Feng et al., 2016; Moghavvemi et al., 2017). Members of societies
and organizations in favour of reciprocity are convinced that knowledge sharing may
improve their respective social status ( Bock et al., 2005; Zhao et al., 2016). Health
practitioners also offer knowledge in the hopes that their trust will lead to patients
building a reciprocal relationship with them (Alaszewski et al., 2003). However, in
exchange, practitioners expect valuable patient-reported data from patients. Within OHC,
many members and participants engage in online interactions as a way of receiving

emotional support for their serious and often chronic diseases (Pagliari et al., 2007).

Within the organizational context, employees would be willing to share knowledge,
which takes up time and effort, if they expect that the recipients of knowledge sharing
will respond similarly. In other words, by sharing knowledge with others, the individual

employee gains a reputation as ‘knowledge owner’ and expects to receive information in
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return in the future. Past studies have shown that members engaging in online knowledge
sharing strongly utilize reciprocity, whereby each interaction is expected to carry a
reward or benefit later on (Kollock, 1999; Wasko & Faraj, 2000). Particularly, knowledge
sharing interactions rely greatly on reciprocity for successful implementation ( Bock et
al., 2005). Reciprocity itself is reliant on the individual’s judgment on the outcome of
knowledge sharing behaviour (Chiu et al., 2006). Thus, engagement in knowledge
sharing activities relies heavily on the expected rewards from each interaction (Chai et
al., 2011; Wasko & Faraj, 2005).

Thus, because reciprocity is strongly linked to knowledge sharing, this especially applies
to OHC. Past studies demonstrated a positive correlation between the quantity and quality
of knowledge sharing with regards to reciprocity (Chang et al., 2011; Chiu et al., 2006).
In particular, Hau et al. (2013) explored the concept of reciprocity, stating that it is a
crucial element in knowledge sharing. Past studies also concur with this notion, whereby
an increase in reciprocity will result in greater performance and knowledge sharing
activities (Alireza et al., 2013; Assegaff, 2016; Bashir et al., 2014).

It is already well-known that knowledge sharing has its advantages not only for the
organization in which it is implemented but also for individuals who work in these
organizations. Thus, according to social exchange theory, individuals who receive high
support from others may feel more satisfied and do not limit their knowledge sharing as
a kind of positive reciprocity in supporting each other (Hashim et al., 2015; Kim et al.,
2015; Yen, 2009). Previous research shows that reciprocity affects knowledge sharing,
and it becomes better to share knowledge while individuals have reciprocity (Chang et
al., 2011). Previous studies have mentioned that when individuals have reciprocity, it
affects positive knowledge sharing of employees (Lin, 2007a). This implies that
Reciprocity is related to the give and take of knowledge and has an impact on knowledge
sharing. Through this, employees are able to share knowledge and prove it is a worthwhile

activity through transferring and taking of the knowledge (Ipe, 2003).

As a give and take process, when an employee shares important knowledge to others, the
other employee is bound to share knowledge of equal importance. According to Hau et

al. (2013), reciprocity is based on a knowledge exchange relationship, and it will
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influence other employees to share knowledge. Following the theoretical and empirical
reasoning, the researcher argues that the nursing supervisor shares important knowledge
to others in online healthcare communities. Thus, when they share knowledge, the
recipient of the knowledge is expected to reciprocate with the same and equal amount of
sharing. Therefore, the author expects that reciprocity is an important element of
knowledge sharing behaviour, especially in OHC. As such the following hypothesis has

been developed:

H2: Reciprocity will have a positive significant effect on knowledge sharing behaviour

in online healthcare communities.

2.10.3 Reputation and Knowledge Sharing Behaviour

Reputation is defined as the perception of others, which aids in establishing social status
(Safa et al., 2016). Past studies have shown that knowledge sharing is greatly dependent
on the established reputation as a key motivator (Jin et al., 2016; Zhang Deng et al.,
2017a). To be more precise, there is a tendency to share knowledge only if there is a
perceived benefit in the form of increased reputation. Thus, reputation is a crucial element
for such practitioners in healthcare because individuals seeking health advice rely heavily
on word-of-mouth advice during the selection of their practitioners, which depends
greatly on the practitioner’s reputation (Ramsaran et al., 2005). Consequently, health
practitioners share a great deal of knowledge in advancing reputation for the sake of their
professions (Yan et al., 2016b).

In the case of OHC, members choose to be involved and strengthen their reputations by
exhibiting ample knowledge related to health, medicine, diseases, and treatments
respectively. Reputation has been identified as a crucial element of knowledge sharing as
well. It is especially vital in healthcare due to the fact that individuals depend greatly on
word-of-mouth advice with regards to the selection of healthcare practitioners (Ramsaran
et al., 2005). Therefore, health practitioners exchange knowledge in order to augment
their reputation, which further benefits their respective professions. However, regular
members of OHC tend to remain anonymous while still seeking to build on their positive
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online status and reputation, which may further bring rewards and benefits in the shape

of certain privileges (Yan et al., 2016b; Zhang et al., 2017a).

Reputations are built slowly; however, in OHC, particularly disgruntled patients can
release negative emotions such as stress and complaints about minor shortcomings. As a
result, online rating sites may tarnish the reputation of physicians ( Jain, 2010). This is
one of the reasons patients usually look at the overall rating of the community and the
advisor. Health practitioners are sometimes also eager to enhance their reputation and
online reputation (Zhang et al., 2017b), which also increases the number of outpatients
offline. Addressing questions and providing treatment advice to emphasize the
accomplishments of health professionals is one method of building a positive online
reputation. Thus, health practitioners engage in knowledge sharing for the sake of both
the patients and their professions (Zhang et al., 2017b).

While monetary rewards are well-desired, reputation itself is a motivation sought by
employees (Jeppesen et al., 2006). Reputation may assist individuals to receive and
upkeep their social status in communities (Jones et al., 1997; Marett et al., 2009). This is
so because they desire that others view them as experts in the field (Davenport et al.,
2002). Past studies have shown that establishing one’s reputation is a major incentive for
knowledge sharing (Davenport et al., 1998), which may aid individuals in viewing
knowledge sharing in a positive light (Hsu et al., 2008). If a particular member’s
reputation increases, the feeling of involvement within a community rises as well (Xu et
al., 2009). Studies have also substantiated the notion that reputation has a positive
correlation to knowledge sharing behaviours for community members of OHC (Yan et
al., 2016a; Zhang et al., 2017a).

Due to the fact that social media records knowledge contribution rankings for members
of OHC, the contributors become known to other community members, thereby
increasing their reputation (Zhang et al., 2017a). Thus, persons posting who share
information on OHC acquire increased reputation and may even be recognized as experts
for a particular disease and treatment (Ba et al., 2001). This provides great motivation for

posters to share knowledge and contribute (Phang et al., 2009).
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Answering questions and providing treatment advice to highlight the accomplishments
of a nursing supervisor in online healthcare communities is one strategy by which to
develop a positive online reputation. Also, this could encourage nursing supervisors to
be more willing to share knowledge to satisfy the needs of patients and to improve their
professional status. Therefore, the author presumes that the nursing supervisor (for the
sake of their reputation and status) would share more knowledge in online healthcare

communities. Thus, the author proposes the following hypothesis:

H3: Reputation will have a positive significant effect on knowledge sharing behaviour

in online healthcare communities.

2.10.4 Ability to Share and Knowledge Sharing Behaviour

The ability of organizations and individuals to share knowledge with each other is
identified as one of the significant factors of organizational competitiveness. Past results
have demonstrated that ability is a very relevant factor for knowledge sharing as well and
that it affects engagement innovation work behaviours. The ability to share knowledge
can be understood as the capability of employees to handle knowledge in various forms.
With regards to innovation, it is a complex task, which involves knowledge being
acquired, recombined, communicated and applied. The findings by Radaelli et al. (2014)
indicated that two preconditions exist for individual knowledge sharing, which are

employees’ ability and opportunity (Hsiu et al., 2007; Spiller, 2016; Sun et al., 2014).

Knowledge sharing naturally leads to an increased state of knowledge within the
organization, whereby knowledge is a valuable set or resource in the eyes of the
organization. Furthermore, knowledge sharing also encourages discussions (Faizuniah
Pangil, 2014). Knowledge sharing may be considered ability, whereby individuals who
are ‘able’ to disseminate knowledge are seen as prospective individuals for innovation in
the eyes of the organization (Zhou & Li, 2012). The relationship between knowledge
sharing abilities and innovative abilities has not been established. Past research has
touched upon the notion that innovative behaviour calls upon the same ability required to
share knowledge as well, i.e. elaborating, recombining and translating hidden knowledge
to new forms (Nonaka, 1994; Quintane et al., 2011; Smith et al., 2005). The new forms
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may be utilized for innovating rather than elaborating, recombining and translating tacit
knowledge into a comprehensible and effective form (Ipe, 2003; Reinholt et al., 2011;
Siemsen et al., 2008; Szulanski, 1996; Sheng et al., 2010). In turn, when these employees
go about their work within the organization with their knowledge sharing attitudes, there
tends to be an exchange of information, opinions and experiences with other employees
(Ford, 1996; Hulsheger et al., 2009; Kanter, 2000). Thus, the knowledge sharing ability
provides the gap for attracting and involving other organizational stakeholders in
potential individual and organizational innovation (Radaelli et al., 2014; Zhou & Li,
2012).

The author presumes that knowledge sharing behaviour can be improved and enhanced
when the ability of nursing supervisors to share is applied in online healthcare
communities. Furthermore, the researchers expect that knowledge sharing behaviour in
nursing can be enhanced via their ability to share knowledge. Thus, the author proposes

the following hypothesis:

H4: Ability to share will have a positive significant effect on knowledge sharing

behaviour in online healthcare communities.

2.10.5 Knowledge Self-Efficacy

Knowledge self-efficacy is defined as the perception a person has about the value of
his/her knowledge. Further, it is suggested that people who think their knowledge is
valuable would be more likely to share greater amounts of knowledge (Shaari et al.,
2015).

Knowledge self-efficacy, described as a function of self-beliefs with which individuals
accomplish a particular work (Bandura, 1986), has a definite effect on people’s emotional
reactions and thought patterns. The associated perseverance of knowledge self-efficacy
can lead to greater productivity and performance. Knowledge self-efficacy is a type of
self-assessment which affects decisions on how an individual will behave and be
motivated under tasks and level of effort asserted in the face of challenges. Past
researchers have already linked knowledge self-efficacy to motivation and behaviour
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(Bandura, 1986; Igbaria et al., 1995). Thus, those with higher levels of self-efficacy tend

to perform better than those with lower levels ( Zhao et al., 2005).

This Recently, the focus of the researchers has concentrated on knowledge self-efficacy.
This has been implemented in areas of knowledge management in order to validate the
effect of self-assessment, self-confidence, and motivation of individuals for knowledge
sharing. Self-efficacy is highlighted as individual expectations of positive outcomes of
behaviour since, if individuals doubt the capability to successfully complete the
behaviour, the pursuance would be perceived as worthless.

Furthermore, the researcher has found that knowledge self-efficacy relates to the
individual’s level of confidence to complete a particular job (Constant et al., 1996). C. J.
Chen & Hung. (2010) asserted that perceived self-efficacy plays an essential role to
influence the motivation and behaviours of the individual. Thus, individuals who have
high self-efficacy will be more likely to perform related behaviours than those with low
self-efficacy (Alireza et al., 2013; Zhang Deng, et al., 2017b).

Knowledge self-efficacy is the degree of confidence in one’s ability to provide
knowledge that may be valuable to others (Kankanhalli et al. 2005; Spreitzer 1995). A
person with high knowledge self-efficacy may believe answering questions is easy,
especially those asked by novices (Wasko et al., 2000). Prior research suggests an
individual with high knowledge self-efficacy will have powerful self-motivation (Bock
& Kim 2002; Hsu et al. 2007), and such individuals may develop a more positive attitude
toward knowledge sharing (Lin 2007). If an individual has a strong sense of knowledge
self-efficacy, he or she will not have a problem to share. (Kankanhalli et al. 2005; Hui ett
al., 2013). Since knowledge self-efficacy is an important element for knowledge sharing,
the author presumes that it will moderate the effect of individual factors on knowledge
sharing. Also, it is presumed that a person will be more likely to share knowledge if he
or she believes in her or his abilities and also considers that knowledge sharing is easy.
Thus, the researcher concludes that knowledge self-efficacy acts as the moderator in this

study.
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2.10.6 Knowledge Self-Efficacy and Knowledge Sharing Behaviour

Bandura, Adams, & Beyer (1977) express that self-efficacy is the degree of confidence
placed in an individual when he or she is sharing knowledge. Another researcher confirms
the same phenomena that knowledge self-efficacy is that level of confidence in an
individual to disseminate knowledge that is valuable to all (Kankanhalli et al., 2005;
Spreitzer, 1995). According to Wasko et al. (2005) an individual with high knowledge
self-efficacy may feel happy answering the questions easily, specifically the questions
from beginners. Consequently, such a person may develop a more positive behaviour
towards the sharing of knowledge (Kankanhalli et al., 2005; Lai et al., 2013; Lin, 2007b).

The issue of self-efficacy has been examined as a moderator that restrains the effect of
different individual factors on KS (Hsieh et al., 2013). Hsieh’s study showed that
knowledge self-efficacy can moderate relationships between reputation and enjoyment in
helping others on the continued knowledge sharing intention. However, their study
showed that with high knowledge self-efficacy, the receptivity and moral obligations
were not supported. Therefore, it can be concluded that self-efficacy has a strong
influence on an individual’s behaviour (Cherian et al., 2013).

Thus, following the significance of knowledge self-efficacy in knowledge sharing, the
researcher intends to investigate the moderating effect of self-efficacy on the relationship
between individual factors and knowledge sharing behaviour. Therefore, the researcher
presumes that when the level of knowledge self-efficacy is high, nursing supervisors are
highly confident in their ability to provide valuable knowledge. In addition, their moral
obligation should have a strong influence on knowledge-sharing behaviour in online
healthcare communities. Furthermore, the author expects the effect of individual factors
of trust, reciprocity, reputation, and ability to share on knowledge-sharing behaviour will
become stronger when nursing supervisors acquire more knowledge self-efficacy in
online healthcare communities. Accordingly, the researcher proposes the following

hypotheses:

H5: Knowledge self-efficacy moderates the relationship between trust and knowledge

sharing behaviour in online healthcare communities
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H6: Knowledge self-efficacy moderates the relationship between reciprocity and

knowledge sharing behaviour in online healthcare communities.

H7: Knowledge self-efficacy moderates the relationship between reputation and

knowledge sharing behaviour in online healthcare communities.

H8: Knowledge self-efficacy moderates the relationship between the ability to share

and knowledge sharing behaviour in online healthcare communities.

2.11 Research model

Research framework was defined as a conceptual model that elaborates the
interrelationships among the variables considered to be parties in the situation being
investigated. In addition, developing this framework helps hypothesize and test certain
relationships between variables and improve understanding of the situation (Sekaran,
2003). Generally, a research framework consists of three types of variables: the
dependent variable, which is known as the main variable: an independent variable or
variables influencing the dependent variable; a moderating variable or variables exerting
a strong contingent effect on the relationships between dependent and independent
variables (Sekaran, 2003).

After reviewing the relevant literature and underlying theory, the research framework
was developed. Figure 2.1. presents the framework developed for this study. The first
component comprises the individual factors which are trust, reciprocity, reputation and
ability to share as the independent variable. The second component is knowledge sharing
behavoiur as the dependent variable. The last component is the knowledge self-efficacy
as the moderator between individual factors and knowledge sharing behaviour. This
research model has eight hypotheses, in which four formulated to measure the knowledge
sharing behavior and remaining to test moderation effect knowledge self-efficacy. This
framework is supported by two theories; Social Exchange Theory (SET) and Social
Cognitive Theory (SCT). SET supports the individual factors which influence the

knowledge sharing behaviours. While SCT relates to the knowledge self-efficacy.
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Figure 2. 1 Proposed Research Model

2.12  Summary

This chapter has presented the concepts that are related to knowledge sharing in online
healthcare communities. This chapter has also enriched by explaining the theories and
variables used in this study. The relationships between the studied variables and based on
the underlying theory and literature review are explained and the framework and

hypotheses have been developed to be tested in healthcare sectors in Jordan.
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CHAPTER 3

RESEARCH METHODOLOGY

3.1 Introduction

This chapter describes the steps and processes involved in conducting the empirical
research. This chapter started by a discussion of the research approach of this study
followed by research design to explain the methodology process required to achieve the
research objectives. The issues of unit of analysis, research time horizon, population,
sample technigque, and sample size have all been explained. Furthermore, this chapter
then continued with instrument design, its validation and a measure of reliability.
Following this, the instrument translation and pilot study are all elaborated upon and
determined. Moreover, data collection and data analysis from the study population was
involved in order to answer the research questions and to present a better understanding
of the relationship among research variables. The data were analyzed using SPSS 18
software and smart PLS 3.0 software, the latter of which specializes in structural equation
modeling using partial least squares (PLS). A summary of the chapter is then presented
at the end of this chapter.

3.2  Research Approach

Saunders et al. (2009) have stated that research may be conducted in two ways: a
deductive approach and inductive approach respectively. Regarding the former approach
(deductive), the researcher first develops a research theory upon which to build a
hypothesis. Furthermore, this approach is designed to test the hypothesis and evaluate the
particular result of the inquiry. Regarding the latter approach (inductive), the researcher
develops and formulates a theory in which data is collected and analyzed. The present
study follows the deductive approach within which the author has developed research
hypotheses stemming from theories. These hypotheses are tested by way of employing

data collection and analysis.
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In another classification proposed by Sekaran & Bougie (2016), research may be
classified based on various factors. Firstly, it may be classified according to the purpose
of study, classifying research as either: exploratory; descriptive; hypothesis testing; or
case study analysis. Secondly, it may be classified according to the type of investigation:
causal versus correlation. Thirdly, it may be classified according to a unit of analysis
(individuals, dyads, groups, organizations, cultures). Lastly, it may be classified

according to the time horizon of study: cross-sectional versus longitudinal.

However, the presented study was classified as a descriptive where the phenomenon and
theoretical understanding have been elaborated to measure and evaluate the research
hypothesis (Sekaran & Bougie (2003)). A study by Creswell (2012) reported that
descriptive studies enable the researchers to, specifically: summarize overall trends and
patterns in the data; provide information regarding the diversity of scores; and clarify

where each score stands in comparison with all the others.

A regression study is employed when the researchers consider highlighting important
factors related to the problem and investigated variables. Thus, the present research
investigates effects of individual factors of knowledge sharing behaviour in online

healthcare communities by investigating the perspectives of nursing supervisors.

3.3  Research Design

In order to collect and analyze data to answer research questions, a specific research tool
needs to be ‘designed’ to provide directions to conduct the testing. This process, formally
called ‘research design’, comprises techniques for measuring study concepts,
participants, sample size, data collection and analysis techniques, as well as a method of
evaluating results which would lead to answering proposed research questions.
Ultimately, the objectives of solving the problem must be fulfilled (John W Creswell,
2008).

Classification of research design includes quantitative research, qualitative research, and
mixed-method research (Creswell, 2008; Saunders et al., 2009). The first type,

quantitative research, seeks to focus on collecting and analyzing numerical data and
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concentrating on measuring the scale, range, and frequencies of a particular situation. To
elaborate, this research type highlights numeric data collection by employing a particular
instrument such as a questionnaire, numeric data analysis by way of several procedures
such as graphs and statistics generating numerical data (Creswell, 2008; Saunders et al.,
2009). The second type, qualitative research, is a subjective research type which seeks to
examine and reflect on the intangible characteristics of an area of research (Monaco &
Neville, 2007). There is also an increased emphasis on non-numeric data collection by
employing techniques such as interviews, surveys and such (Saunders et al., 2009). The
third type, mixed-method research, combines characteristics of the aforementioned two

types (Onwuegbuzie & Johnson, 2004).

The present study utilizes quantitative research, due to the fact that the research questions
require measuring variables, assessing the effects of variables and testing the formulated
theory (Creswell, 2012). Further sections seek to define the study sample, instrument,
data collection technique, and data analysis strategy, to ensure that the data in numbers is
accurate, and that research concepts and common laws are used to justify the causality
effect of the social phenomenon under study. The role of a researcher here is to follow
rules of objectivity, non-interaction, value, and non-bias which should not affect the result
of the research and analysis. The researcher used the panoramic considerable sample for
validation of the theory and to come up with a conclusion that can be generalized
(Kreuger & Neuman, 2006). The researcher has adopted the hypothetical deductive
method by Sekaran & Bougie (2016), within which systematic steps have been followed
according to Figure 3.1. This illustrates the methodological phases followed by the

researcher.

48



Panel of 4 Experts

PLS-SEM

—

(Section 3.3)
Research Design

v

(Section 3.6)
Population

v

(Section 3.7)
Sampling Technique

(Section 3.8)

Sample Size

v

(Section 3.9)

Research Instrument

v

(Section 3.10)

Instrument Validity

v

(Section 3.12)
Pilot Study

v

|

(Section 3.14)

Data Collection

v

(Section 3.15)
Data Analysis

-

Figure 3.1 Methodological Phase

49

Finalized Model




3.4 Unit of Analysis

Unit of analysis is the foundation of data upon which individuals are described (Sultan et
al., 2013). A unit of analysis was described by Sekaran & Bougie ( 2016) as the ‘level
of aggregation of the data collected by the researcher. Furthermore, Sekaran & Bougie
(2016) went further to suggest three main types of units of analysis: individual, dyads, or
groups. For the first type, individuals as the unit of analysis take place when the
researcher targets organizational employees. For the second type, dyads as the unit of
analysis take place when the researcher seeks to examine interactions between two
individuals or two groups. For the third and last type, groups as the unit of analysis take
place when the researcher is interested in studying organizational groups. Thus, the unit
of analysis for the present study is the first type discussed: individuals. To elaborate, for
this type, nursing supervisors of departments in private hospitals of Amman, Jordan were

chosen as the main data sources for the research.

35 Research Time Horizon

The time horizon of a research should be one of the first steps a researcher takes to define
before proceeding to conduct any type of empirical research. The researcher should first
attempt to determine whether to employ either a time horizon which is cross-sectional or
longitudinal (Saunders et al., 2009). Sekaran & Bougie (2016) stated that a cross-
sectional study may be employed only once over the course of days, weeks or months.
On the other hand, the longitudinal study may also take place more than at one point in
time, depending on whether it is related to the people or phenomena. By way of an
example, a researcher may wish to gather data at two different points within time to
highlight changes in employees’ behaviour in particular circumstances, For the present
study, based on the research objectives and goals (as well as to facilitate the respondent’s
accessibility), the most appropriate type is the cross-sectional type. In this study, data was

collected during the period from May 2018 until July 2018.
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3.6  Population of the Study

Sekaran & Bougie (2016) formerly defined “study population” as an entire group of
people and events the researcher wishes to investigate. Furthermore, it is defined by a
group of people or organizations bearing common characteristics which may be of
interest to the research area in question (Creswell, 2008).The official website for the
Ministry of Health in Jordan (Ministry of Health in Jordan, 2018) illustrates that there are
104 hospitals in Jordan subdivided into three categories: government, military, and
private hospitals respectively. The statistic is also supported by the Private Hospitals
Association in Jordan ( Private Hospitals Association, 2018), stating that there are 68
private hospitals in Jordan, 38 of which are located in the capital city Amman. For the
purposes of the study goals of the present research, the study population in the present
study comprise nursing supervisors of private hospitals operating in Amman, Jordan. Out
of twelve cities, the Amman region has 38 operating private hospitals, which is 55% of
the total number of private hospitals as compared to the total number of private hospitals

in Jordan. Figure 3.2 shows the total number of private hospitals in Jordan.
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For the present research’s goals, the study population in the present study comprise
nursing supervisors of private hospitals operating in Jordan. Table 3.1 shows the total

number of private hospitals in Jordan.

Table 3.1 Representation of Private Hospitals

pd
o

City name Number of private hospitals

Amman 38
Zarga
Irbid
Madaba
Karak
Agaba
Mafrak
Balga

© 00 N O g B~ W N

Ajlun

=
o

Maan

[N
[N

Jerash
Tefillah
Total Number

P W R, N WDNDDNDN W w o b

[N
N

[o)]

[et]

This study took place in Amman, the capital city of Jordan. The country of Jordan is
located between the Arab Mashreq and the Arabian Peninsula, bordered on the north by
the Syrian Arab Republic, in the east and south by Saudi Arabia and Irag, on the west by
Palestine. There are many reasons for focusing the research on Amman, with some of
them being as follows: 1) The city of Amman is considered as the most populated
compared to other cities; 2) The majority of the private hospitals in Jordan are in the
capital city, Amman; 3) The private hospitals in Amman are considered as the most
important hospitals regarding hospital capacity and the high numbers of medical tourism

in this city. Figure 3.2 below shows the interesting strategic location.

As shown in Table 3.2 following, there are 510 departments identified in private hospitals
in Amman. The researcher confirms the total number of participating hospitals and
nursing supervisors in the next phase. Table 3.2 illustrates hospitals in Amman together

with the number of departments.
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Table 3.2 Private Hospitals in Amman

NO Hospital name in Amman Departments
1 Abdulhadi General Hospital 10
2 Al Ahli Hospital 23
3 Al Amal Maternity Hospital 7
4 Al Bayader Hospital 13
5 Al Gardens Hospital 31
6 Al Haramain Speciality Hospital 11
7 Al Hayat General Hospital 12
8 Al Khalidi Medical Center 17
9 Al Magased Charity Hospital 8
10 Al Mowasah Hospital 11
11 Alrashid Hospital Center 13
12 Amman Hospital 16
13 Agsa Hospital 4
14 Arab Medical Center 19
15 Dar Al Salam Hospital 8
16 Dr. Ahmad Al Hamaideh Hospital 7
17 Essra Hospital 14
18 Eye Specialty Hospital 9
19 Farah Medical Campus 8
20 Hanan General Hospital 10
21 Hiba Hospital 9
22 Ibn Al Haytham Hospital 19
23 Islamic Amman Hospital 20
24 Istiklal Hospital 15
25 Istishari Hospital 14
26 Italian Hospital 19
27 Jabal Amman Hospital 6
28 Jordan Hospital 15
29 King Hussein Cancer Center 17
30 Luzmila Hospital 18
31 Marka Islamic Specialty Hospital 6
32 Middle East Eye Hospital 12
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Table 3.3 Private Hospitals in Amman (Continue)

33 Palestine Hospital 15
34 Philadelphia Hospital 5
35 Royal Hospital 10
36 Shamisani Hospital 15
37 Specialty Hospital 38
38 Tlaa Al Ali Hospital 6
Total number of Departments 510

The reliance of researchers on private hospitals is rooted in these institutions having high
technological capabilities as well as support and cooperation to be involved in the present
study. In addition, these hospitals were found to be more cooperative in conducting
research than other public hospitals located in Jordan. It is also important to mention that
the number of public hospitals is considered low compared to the private ones. Further,
more customers tend to focus on private hospitals in Jordan (Dammaj et al., 20 16).
Hence, the researcher selected private hospitals rather than public ones so as to be able

to represent the population of nursing supervisors in Jordan.

On the other hand, nursing supervisors in private hospitals are the respondents of this
study. This particular sample was chosen because studies have shown that nursing staff
are more likely to carry out interpersonal interventions and share knowledge; whereas
physicians are mainly concerned with technical intervention in order to optimize the
outcome of medical services (Jarrar et al., 2018). In any hospital, nurses are in the
majority and the maximum number of medical teams include nursing staff whose
performance influences the overall development of the hospital ( Lin, 2014). Therefore,
this study has conducted a survey of nursing supervisors in Jordanian private hospitals to
explore individual behaviour on knowledge sharing in online communities with

knowledge self-efficacy as a moderator.

According to the website of (Ministry of Health in Jordan, 2018), the targeted number of
nursing supervisors was calculated from among the private hospitals used to identify the
population of the study. The sample size was selected (337) from the (22) private
hospitals in Amman (Jordan), as shown in Table (3.4) below.
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Table 3.4 The twenty-two selected hospitals

No. Hospital name in Amman Number of selected nursing supervisors
1 Abdulhadi General Hospital 10
2 Al Ahli Hospital 23
3 Al Bayader Hospital 13
4 Al Gardens Hospital 31
5 Al Haramain Speciality Hospital 16
6 Al Hayat General Hospital 12
7 Al Khalidi Medical Center 17
8 Arab Medical Center 20
9 Dar Al Salam Hospital 10
10 Eye Specialty Hospital 10
11 Farah Medical Campus 15
12 Islamic Amman Hospital 20
13 Istishari Hospital 14
14 Al khansa Hospital 15
15 Jabal Amman Hospital 15
16 Luzmila Hospital 18
17 Marka Islamic Specialty Hospital 13
18 Middle East Eye Hospital 12
19 Palestine Hospital 15
20 Philadelphia Hospital 13
21 Royal Hospital 10
22 Shamisani Hospital 15

Total 337

3.7 Sampling Technique

The sample was defined as the subgroup of the population selected under investigation
(Sekaran et al., 2016). It was also indicated that the sample is a sub-group of the target
population the researcher seeks to study for generalizing the population to be studied (
Creswell, 2008). Furthermore, sampling techniques may either be ‘probability sampling
techniques’ or ‘non-probability sampling techniques. This can be explained as follows:,
probability sampling techniques (if the researcher realizes the actual number of people in
the population); non- probability sampling techniques (if the researcher does not realize

the actual number of people in the population) (Sekaran et al., 2016).

In order to select the participants out of the targeted population, a census technique was
used in the present study. The census technique is defined as aiming the whole population

in quantitative studies, which contrasts with the sampling method (Creswell, 2012).
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While the census method studies the entire population to attain accurate information, the
sampling method, on the other hand, includes selecting a number of subjects from the
total population to determine the sample size of the study ( Creswell, 2012; Srivastava et
al., 1989). According to Srivastava et al. (1989), the census sampling method is
appropriate for collecting data from every individual in the population, and therefore
diverse qualities of the whole population are amassed in order to be discussed and
analysed. In the present research, the targeted population was 337 nursing supervisors
and also the required sample size for structural equation modelling analysis was n=250.
Accordingly, the whole target population (337 nursing supervisors working in the

identified 22 hospitals) was given the opportunity to contribute in the questionnaire.

3.8  Sample Size

Hair,.et al (2016) has mentioned that a ‘sample’ refers to a selection of individuals and
elements chosen from a greater population. Chosen sample individuals should ideally
represent the population holistically. Appropriate sample selection should reflect
differences and similarities identified in the population in order to ensure that making
inferences is feasible from a small sample of the large population. In the context of the
current study, using SEM analysis with less than 100 sample sizes may be defective and
may encounter some technical problems (Kline, 2005). A larger sample size (more than
200) is highly recommended by the researchers. For example, Kline (2005) suggests 10:1
ratio of a number of the case to the number of free parameters. Since in this research the
total number of items was 25, therefore the optimum number of sample for Structural

Equation Modelling was 250.

Furthermore, the researcher followed the recommendations of Hair et al. (2016). The
sample size determined by G*Power software package has been utilized to execute power
analyses, which are focused on model setups. Since the software may provide too many
settings and features for multiple applications and types of analysis, careful consideration
must be placed into selecting those that are deemed appropriate. Researchers from

multiple disciplines rely on this software to achieve the recommended sample size.
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Many parameter settings were required to be adjusted before calculation of the sample
size in G*Power software could be performed; the first being the statistical test type. As
this research used the SEM approach, multiple linear regression statistical power analysis
was employed (Cohen, 1992). The test family employed in this research was the t-test.

Furthermore, the parameters used are defined below as shown in Figure 3.3:

. One-tail: as this research is considered as the use of directional hypotheses.
. 2= 0.15: as a medium effect size value
. Alpha error probability (p-value) = 0.05 (5% significant level)
. Power (1-B err prob) = 95% (Confidence level)
B G*Power 3.1.9.2 — >
File Edit View Tests Calculator Help
Central and noncentral distributions Protocol of power analyses
critical t = 1.66724
Test family Statistical test
t tests S Linear multiple regression: Fixed model, single regression coefficient e
Type of power analysis
A priori: Compute required sample size — given «, power, and effect size 7
Input Parameters Output Parameters
Tail(s) One 2 Noncentrality parameter & 3.3316662
Determine == Effect size 2 | 0.15 | Critical t | 1.6672385 |
o err prob 0.05 Df [ 69
Power (1-B err prob) 0.95 Total sample size 74
Number of predictors | a Actual power | 0.9509235

X-Y plot for a range of values Calculate

Figure 3.3 Sample size calculation (G*Power screenshot)

For the structural model, the sample size has been calculated based on Figure 3.3 It may

be observed that a minimum sample size of 74 was required with four independent

variables.
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3.9 Research Instrument

The questionnaire is the heart of the survey, and it should be designed in accordance with
best practices (Krosnick et al., 2015). The questionnaire design considers several issues
including the research approach, research design, main variables, and sub-variables.
Additionally, the questionnaire’s items have been revised based on several directions
recommended by the literature concerned (Krosnick et al., 2015; Lietz, 2010). The
questionnaire is organized as follows: the first part comprises the demographic
background of the respondents; following that, the remainder consists of the

measurement of the constructs of this study.

The items of the instrument for each construct have been adapted with minor
modifications in order to reflect the present study’s aspects. The first construct is trust
which is defined as belief of good intent, competence, and reliability of employees with
respect to contributing and reusing knowledge (Mishra 1996; Putnam 1993). The trust
construct items have been adapted from (Hassandoust et al., 2011), which include the
following: (1) We were usually considerate of one another’s feelings in online healthcare
communities; (2) The people in online healthcare communities were friendly; (3) I could
rely on those with whom | worked in online healthcare communities; and (4) Overall,

the people in online health communities were trustworthy.

The second construct is reciprocity which is defined as belief of current sharing behaviour
will cause future requests for knowledge to be easily satisfied by others (Davenport et al.,
1998).The reciprocity construct items have been modified from (Zhang et al., 2017a), as
the following: (1) When | share knowledge in online healthcare communities, | believe
that my questions will be answered in the future; (2) | believe that other members whom
I interact with would help me whenever | am in need in online healthcare communities;
and (3) When I share my knowledge in online healthcare communities, | expect the other

members to respond whenever | am in need.

The third construct is reputation which is defined as perception of an improvement in

reputation and image due to sharing knowledge in the online community (Kankanhalli et

al., 2005). The reputation construct items have been adapted from (Wasko et al., 2005;
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Zhang et al., 2017a) , which include: (1) I earn respect from others by participating in
online healthcare communities; (2) | feel that participation improves my status in online
healthcare communities; (3) My participating in online healthcare communities can
enhance my reputation in my professional field; and (4) I can earn some feedback or
rewards through participation that represent my reputation and status in the online

healthcare communities.

The fourth construct is ability to share, refers to the capabilities of conceiving and sharing
meaning in different situations (Mohammadyari et al., 2014). The ability to share
construct items have been adapted from (Armitage et al., 1999;Radaelli et al., 2014).
These items are: (1) | am fully capable of sharing my knowledge with others in online
healthcare communities; (2) If it depended only on me, | would exhaustively share my
knowledge in online healthcare communities; (3) | am fully capable of articulating my
knowledge in written or spoken form in online healthcare communities; (4) | believe |
am fully capable of sharing my knowledge at any time in online healthcare communities;
and (5) The knowledge I share with my colleagues would be very useful to them in online

healthcare communities.

The fifth construct is knowledge self-efficacy refers to the degree of confidence in one’s
ability to provide knowledge that is valuable to others (Aslam et al., 2018). The
knowledge self-efficacy construct items have been adapted from ( Bock & Kim, 2002;
Lu et al., 2006). These items are as follow: (1) My personal expertise will display its
value if shared within the online healthcare communities; (2) My limited knowledge,
even if shared, will generate little effect within the online healthcare communities; (3) |
am confident that my knowledge sharing would improve work processes in the online
healthcare communities; and (4) |1 am confident that my knowledge sharing would

increase the productivity in the online healthcare communities.

The sixth construct is knowledge sharing behaviour which is defined as the process of
knowledge exchange between individuals disperse their obtained knowledge,
experiences, and skills to others and groups ( Zhang et al., 2017a). The knowledge sharing
behaviour construct items have been modified from (Lu et al., 2006). These include the

following: (1) In daily work, | take the initiative to share my work-related knowledge to
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my colleagues in online healthcare communities; (2) | keep my work experience and
never share it out with others easily in online healthcare communities (reverse statement);
(3) After learning new knowledge useful to work, | promote it to let more people learn it
in online healthcare communities; (4) I actively use online healthcare community’s
sources available to share my knowledge; (5) So long as the other colleagues need it, I

always tell whatever | know without any hoarding in online healthcare communities.

The scale is a mechanism or a tool by which respondents are distinguished as to how they
differ from one another regarding the study’s variables. In general, there are four basic
types of scales, namely: nominal; ordinal; interval; and the ratio (Sekaran et al., 2016).
The traditional Likert -type approach was employed to measure the constructs items. This
scale was developed to scientifically measure attitudes and to evaluate the respondents’
degree of approval with statements (Bertram, 2007; Johns, 2010). Additionally, the Likert
approach can facilitate the task of completing the survey and help researchers to revise
certain items in the questionnaire (Ware et al., 1983). The most common scale used by
researchers is the 5-point Likert scale which ranges from “Strongly Agree” at the positive
side to “Strongly Disagree” on the negative side (Creswell, 2013; Sekaran et al., 2016).

This reasoning is determined in that it is easy to construct in comparison to other scales,
as well as being more reliable (Kothari, 2004). In addition, 5- point Likert is relatively
simple for respondents to be able to complete the questionnaire. Therefore, the
respondents were asked to evaluate the appropriateness to their companies of each
statement on a 5-point scale, with the following values: 1 = Strongly Disagree; 2 =
Disagree; 3= Neither Agree nor Disagree; 4= Agree; and 5= Strongly Agree. Tables 3.3
shows the adapted items for individual factors which include (trust, reciprocity,
reputation, ability to share), knowledge self-efficacy and knowledge sharing behaviour.
All adapted items have been shown together with the original resources of each item. The
demographic information section utilized the interval for age, education level,

experience, and Internet usage, while gender was on a nominal scale.
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Table 3.3 Measurement items

Construct/Variable

Definition

Items

Source

Trust

Reciprocity

The belief in the good intent, competence, and reliability of
employees with respect to contributing and reusing knowledge
(Saleh, 2017).

Belief that current sharing behaviour will
cause future requests for knowledge to be
easily satisfied by others (Zhang et al.,
2017).

1. We were usually considerate of one another’s feelings in online
healthcare communities.
2. The people in online healthcare communities were friendly.
3. I could rely on those with whom | worked in online healthcare
communities.

4. Overall, the people in online health communities were trustworthy.

1. When | share knowledge in online healthcare communities, | believe
that my questions will be answered in the future.
2. | believe that other members whom | interact with would help me
whenever | am in need in online healthcare communities.
3. When | share my knowledge in online healthcare communities, | expect

the other members to respond whenever | am in need.

(Jarvenpaa & Leidner,
1999).

(Hassandoust et al.,
2011)

( Bock et al., 2005)

(Zhang et al., 2017a)
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Table 3.3 Measurement items (Continue)

Construct/Variable Definition Items Source
Perception of an improvement in reputation 1. I earn respect from others by participating in online healthcare communities. (Wasko &
Reputation 2. | feel that participation improves my status in online healthcare communities. Faraj, 2005)

and image due to Sharing knOWInge in the 3. My participating in online healthcare communities can enhance my reputation in (Zhang et

online community (Havakhor et al, 2018). my professional field al., 2017a)
4. | can earn some feedback or rewards through participation that

represent my reputation and status in the online healthcare

communities.
The ability of individuals to share knowledge with each other, this 1. I'am fully capable of sharing my knowledge with others in online healthcare
trait refers to capabilities of conceiving and sharing meaning in communities.
Ability to Share different situations (Mohammadyari et al., 2014). 2. If it depended only on me, | would exhaustively share my knowledge in online (Armitage et

healthcare communities. al., 1999)
3. lam fully capable of articulating my knowledge in written or spoken form in online  (Radaelli et al.,
healthcare communities. 2014)
4. 1 believe | am fully capable of sharing my knowledge at any time in online
healthcare communities.
5. The knowledge | share with my colleagues would be very useful to them in online

healthcare communities.
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Table 3.3 Measurement items (Continue)

Construct/Variable Definition Items Source
Knowledge Self-Efficacy Knowledge Self-efficacy refers to the degree of 1. My personal expertise will display its value if shared within the online healthcare communities.
confidence in one’s ability to provide knowledge that is 2. My limited knowledge, even if shared, will generate little effect within the online healthcare communities. (Bock &
valuable to others (Aslam et al., 2018). 3. I am confident that my knowledge sharing would improve work processes in the online healthcare communities Kim, 2002)
4. 1 am confident that my knowledge sharing would increase the productivity in the online healthcare communities.

(Luetal.,

2006)

1. In daily work, | take the initiative to share my work-related knowledge to my colleagues in online healthcare
Knowledge Sharing The process of involving knowledge exchange between communities.

Behaviour individuals disperse their obtained knowledge, 2. | keep my work experience and never share it out with others easily in online healthcare communities. (R) (Bock &
experiences, and skills to others and groups ( Zhang et 3. After learning new knowledge useful to work, | promote it to let more people learn it in online healthcare communities. Kim, 2001)
al., 2017a). 4. T actively use online healthcare community’s sources available to share my knowledge.

5. So long as the other colleagues need it, | always tell whatever | know without any hoarding in online healthcare (Luetal.,
communities. 2006a)
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3.10 Content Validity

Kline (2011) elaborated upon several types of validity, including content validity, criterion-
related validity, construct validity, and discriminant validity. Content validity is the extent
to which the questionnaire provides adequate coverage of the topic concerned, this type of

validity can be determined by expertise in the subject area (Kothari, 2004).

After preparing the questionnaire, the next step is to ensure and test the goodness of the
questionnaire and verify that it is designed in a way that enables it to measure the research
variables and reflects any relationships that may exist between them (Sekaran et al., 2009).
The attribute of validity, therefore, indicates that respondents’ scores are both significant

and meaningful (Creswell, 2012).

As shown in Appendix A, the content validity form was designed to provide a specific
decision concerning every single item. Four experts were involved in the validation of
questionnaire items. Two expert’s interviews were conducted face-to-face, and asked to fill
in the provided form after a discussion took place. Another two experts were contacted via
email. Appendix B shows the expert demographic information such as field, position, years
of experience, and meeting period.

The constructs have been defined along with their related items in a single table with three
decisions for each item (perfect match, moderate match, and poor match) to be filled by
the experts. This provided the researcher with an insight into the validity of the
proposed/adapted items to be utilized in the data collection procedure. The results from the
expert evaluation, for the content validity of all items, showed that all proposed items for
the research variables were accepted, however, comment received to add phrase “online
healthcare communities” in the questionnaires. Based on this input, the researcher then
made minor modifications on the questionnaires. The final version of questionnaires is

shown in Appendix C.
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3.11 Back-to-Back Translation

Back-to-back translation is required to ensure that the survey instrument is free of errors,
incorrect wording or changing significance. The questionnaire was carried out in the local
language and interpreted back by a specialist to ensure the reasonable and vocabulary
identicalness of the survey items (Sekaran et al., 2016). Inadequately worded items would
not simply prompt problems with reacting (replying), but could also promote issues amid
the investigation or creating deceptive positive or negative outcomes. This could result in
the research’s reliability being threatened (Holmes et al. (2001); Malhotraet al. (2007)
expressed that an inadequately-worded questionnaire prompts item non-reaction, which
thereby expands the complex nature of information investigation. This demonstrates that
translating the survey instrument by native local speakers is important by using back-to-
back translation in order to ensure no changes have been made to the meaning of the items.

A linguistic lecturer who instructs at the Imam Abdurrahman Bin Faisal University in Saudi
Arabia translated the questionnaire from English to Arabic. The translated questionnaire
was checked by another linguistic lecturer to ensure that the meanings of the items
remained as before being converted into English. Interpretation from Arabic to English was
performed by another lecturer who is a lecturer at the Hashemite University in Jordan and
it was guaranteed that he did not approach the first English survey. The final draft of the
interpreted English adaptation was contrasted with the first draft to ensure that there were
no mistakes and the survey was thoughtfully and vocabulary-proportional. It was necessary
for the translated questionnaire to be tested by a pilot study to test the patterns of reaction
towards recognizing any cultural bias and the dependability of survey items in estimating

the corresponding factors (Malhotra et al., 2007).

3.12 Pilot Study

A pilot study is a scaled research that collects data from respondents similar to those
participating in the actual study in order for it to be used in the full research (Zikmund et
al., 2013). A pilot study is important to prevent uninterpretable results or unquantifiable
responses, and hence saves time and money. Further, a pilot study helps to conceptualize

or re-conceptualize the study aims, and can prepare an effective questionnaire for field
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work and data analysis (Holmes et al., 2001). One of the main issues in reliability testing
is checking the internal consistency of the scale in order to ensure that the scale’s items
match (Pallant, 2007) and are capable of measuring similar variables (Sekaran et al., 2016).
The most popular indicator used for internal consistency reliability is Cronbach’s alpha
coefficient, in which the acceptable level of Cronbach’s alpha coefficient is 0.70 (Pallant,
2007; Sekaran et al., 2016).

In addition, a pilot study was employed before administrating the questionnaire for a final
data collection. This administrated for a small pool of sample in order to measure the
reliability of the questionnaire used before proceeding to the final study. In the final study
of the pilot, the study sample was excluded from the main study sample; the sample size
of the pilot study must be excluded from the main study sample to render it more reliable
to fit the model.

The data from the nursing supervisors of private hospitals in Amman, Jordan was collected
by identifying the respondents from different departments and hospitals. The researcher
collected the pilot data personally; the researcher followed the drop-off and pick right up
until collecting the questionnaires from the nursing supervisors. The hospitals involved
were, namely: Eye Specialty Hospital; Amman Hospital, AL Rashid Hospital; Istiklal
Hospital; and finally, AL Hamaideh Hospital. A total of 40 questionnaires were distributed
among nursing supervisors in five private hospitals in Amman, and 35 questionnaires were
returned. Table 3.4 below shows the number of supervisors for each hospital. According to
Hertzog (2008), 30 respondents are sufficient for a pilot study intended to measure
instrument adequacy. In addition, most of the respondents were able to understand the

questions.

The pilot study commenced on 18 May 2018 and finished on 27 May 2018, which the
participating nursing supervisors did not consider in the final data collection phase. The
collected data was then keyed into the SPSS software package. The internal consistency
reliability was measured using Cronbach Alpha Coefficient (a), in which each construct
must be 0.7 or above to achieve the reliability level of the questionnaire. This has been

explained in detail in the next subsection.
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Table 3.4 Name of hospitals and number of supervisors for a pilot study

No Name of hospital Nursing supervisors
1 Eye Specialty Hospital 10
2 Amman Hospital 6
3 AL Rashid Hospital 4
4 Istiklal Hospital 10
5 AL Hamaideh Hospital 5
35

3.12.1 Reliability

Creswell (2012) defines reliability as the means by which collected results are kept stable
and constant when the researcher employed the research instrument multiple times. The
internal consistency of the scale is one of the main issues in reliability test checking, in
order to ensure that the items matched the scales (Pallant, 2016), and are proficient to
measure similar variables (Sekaran et al., 2016). Correlating the respondent’s answers to
each item question or with other items in a questionnaire is considered as internal
consistency. According to Creswell. (2012), Saunders et al. (2009) reliability analysis is
very helpful to the researcher in determining how interested was the respondent while
completing the questionnaire from the beginning until the end. According to Sekaran et al.
(2016) Cronbach’s alpha should be more than 0.7 for each factor. Table 3.5 shows the

Cronbach’s alpha coefficient of each variable’s dimensions of the study.

Table 3.5 Result of pilot study

Variables

Number of items

Cronbach’s alpha

Trust

Reciprocity

Reputation

Ability to share
Knowledge self-efficacy

Knowledge sharing behaviour

o o A b~ 0 b

.709
811
779
122
721
144
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The results showed that all constructs are reliable in term of internal consistency reliability
as its Cronbach’s alpha values ranged between 0.709 - 0.811, which indicate a reliable
measures that can further used in future data collection. Therefore, the study results
demonstrated that items were reliable for all the constructs.

3.13 Data Collection

The source of the data could be either primary or secondary (Sekaran & Bougie, 2010).
Examples of primary data include opinions of staff on a specific issue, which are gathered
directly by researchers (Sekaran et al., 2010). In this study, the source of data is primarily
data gathered through a questionnaire. The respondents of the study are nursing supervisors
working in Jordanian private hospitals in Amman, with an estimated number of 510 nursing
supervisors working in these hospitals. The obtained data was collected from nursing
supervisors employed in private hospitals in Amman. The required ethical approvals were
obtained from the selected hospitals which participated in the study. The questionnaire
survey was conducted to investigate the relationship between the variables which involved

fitting and evaluating the proposed model in this study.

The data colligation was obtained from each hospital by obtaining permission from the
head of the human resources section (HR). An HR representative of each hospital was
invited in this study for their cooperation in distributing the questionnaire to nursing
supervisors in circumstances where it is difficult to meet all nursing supervisors. This was
mostly due to difficulties with their schedules. The researcher gave the questionnaire to the
HR representative for distribution to the nursing supervisors within two (2) weeks as a
maximum period of time. The questionnaire was then retrieved from the HR representative

for data entry into SPSS to prepare for data analysis.

3.14 Data Analysis

Data analysis is one of the most important steps in the research process; the researcher
starts analysis after collecting the data using a research questionnaire. In quantitative
research, researchers usually apply statistical methods for testing the hypothesis and to gain

desired results (Michael et al., 2010). In this research, the collected data were processed
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and examined by utilizing different statistical methods. The researcher used SPSS software
to clean the data from any missing data, normality, and outlier issues before starting
analysis of the data by Smart PLS. PLS-SEM method has been used to analyse the data
and assist the researcher for the suggested model in order to evaluate the effect of the 1Vs
variables on the DV Variable as well as measuring the effect of the moderator in the
proposed model. This was done by using Smart-PLS Software. The PLS-SEM method was
selected due to this method being highly recommended for non-parametric data (Hair Jr et
al., 2016).

3.14.1 Descriptive Analysis

Descriptive analysis is a method which aims to describe the variables by statics like
frequencies, graphs, mean, standard deviations, and level of scores (Pallant, 2016).
According to Sekaran et al. (2016) descriptive statistics provide a better understanding of
the situation by converting the data into a presentable information form that can describe
the relationship of variables. It also helps the researcher to review the overall trend and
transparency in the data, provide information about the diversity of scores in the data and
identify the difference between one data from another data (Creswell, 2012). Therefore, in
this study, the researcher utilizes specific statistical techniques to define the characteristics

of the sample and the researched variables.

3.14.2 Structural Equation Modelling (SEM)

Structural equation modelling (SEM) refers to the collection of statistical techniques which
facilitates bringing the data and underlying theory together (Tabachnik et al.,2006). SEM
is also known as causal modelling, causal analysis, simultaneous equation modelling,
analysis of covariance structure, path analysis, or confirmatory factor analysis respectively
(Tabachnick et al., 2007, p. 676). The analysing techniques of SEM such as covariance-
based modelling (i.e. LISREL, AMOS) and variance-based or component-based modelling
(i.e. Partial Least Squares (PLS)) are referred to as second generation data analysing

techniques (Bagozzi et al., 1982).
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Statistical applications in the social sciences have recently utilized more sophisticated
multivariate methods by which to analyse the relationship between multiple variables (Hair
et al., 2014). Multivariate analysis can be divided into two generations of techniques. The
first generation comprises statistical methods often used in social science such as regression
and multiple regression respectively. The second generation consists of structural equation
modelling (SEM) which has been increasingly used by researchers to overcome the
weaknesses of first generation techniques (Hair et al., 2014). Thus, SEM has been
recognized by researchers as a means of empirically testing conceptual models and theories
(Hair etal., 2012). Additionally, it is becoming a popular and standard method for empirical

research in management and marketing studies (Henseler, et al., 2012; Ringle, et al., 2009).

SEM is essentially utilized to identify the relationship between the observed valuables and
unobserved or latent variables (Chin, 1998). Kline (2011) explained that the observed
variable (manifest variable) represents the collected data and scores while latent variables
are not directly observable; for example, intelligence is measured by different kinds of
observed variables such as memory capacity. The interaction effects between these two
variables can be measured and clarified using computer programs and tools purposely
constructed for SEM. These tools can analyse all structural equation models, such as the
identification and estimation of mean structures, the logic of mean structures, interaction

effects in path models, and combined mediation and moderation (Kline, 2011).

SEM contains two interrelated models explicitly defined by the researcher, namely,
measurement model and structural model (Gefen et al., 2000). The measurement model
also known as confirmatory factor analysis (CFA) defines the constructs (latent variables)
that the model uses, and allocates observed variables to each; while the structural model
(also known as regression or path analysis) defines the hypothetical relationship among the
latent variables (Hair et al., 2006; Gefen et al., 2000). It is important to clarify that latent
variable is a representation of the theoretical construct which cannot be observed directly
and can have an exogenous form (i.e. independent variable) or endogenous form (i.e.

dependent variable) in a model (Hair et al., 2006).
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3.14.3 Partial Least Squares (PLS-SEM)

Hair et al. (2016) proposed the partial least squares (PLS) method. PLS is currently used
as an SEM technique and has a significant importance in many research disciplines of
business management. The PLS-SEM method has two sets of linear equation models (inner
and outer). The inner model alters the relationship between latent variables; while the outer
model explains the relationship between a latent variable and its observed variables
(Henseler et al., 2009). In this research, there are three variables: individual factors as
independent; knowledge sharing behaviour as a dependent; and knowledge self-efficacy as
a moderating variable. In PLS-SEM, these variables are measured as latent variables. The
inner model explains the relationship between them; whereas the outer model alters the

relationship between the three researched variables and observed indicators.

To analyse the data of this research, Smart PLS was used. Smart PLS was selected because
of its ability to execute all the algorithms of PLS-SEM that are required to achieve the
objectives of the research. Moreover, Smart PLS has a graphical user interface
representation to calculate the PLS path modeling. For the estimated results, Smart PLS
provides presentable written results such as: weight for the measured model; the path
coefficients relationship for the structural model; and R? values for the dependent variable
(Hair et al., 2016). The SEM algorithms also take care of missing data by mean
replacement, or deletion on the bases of case or pair. Furthermore, Smart PLS offers many
structural model weights such as path weighting, that provides the highest R2 value for the
dependent variables (Hair et al., 2016).

3.14.4 Models Assessment Procedures

In this research, all the latent variables are reflective. Therefore, the reflective measurement
model was used to measure the proposed model. Furthermore, the structural measurement
model was applied to measure the research hypotheses and the relationship between the
latent variables. In the following sections, the assessment measurement model and

structural model were described.
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3.14.5 Assessment of Measurement Model

The three core mechanisms used to assess the measurement model are convergence

validity, discriminant validity and composite reliability (Henseler, 2017).

i.  Internal Consistency/ Composite Reliability

According to researchers like Hair et al. (2016) and Hair et al. (2014), the internal
consistency is evaluated by internal reliability as shown by Cronbach Alpha and Composite
Reliability. Variables with high CA values demonstrate that the item within the construct
has the same range and meaning (Cronbach, 1971). Utilizing CA presents an estimation
regarding the reliability based on indicator inter-correlations although, by PLS, internal
consistency is assessed employing composite reliability (CR) (Chin, 1998). Indeed, while
CA or CR assess similar issues to internal consistency, CR is concentrated on indicators
that have different loadings. CA shows a strict understanding of the internal consistency
reliability as it does not consider equivalency among the measures and assumes that all
indicators are equally weighted (Werts et al., 1974). Besides that, the value of CR should
be 0.6 or greater to show the right internal consistency (Bagozzi et al., 1988; Hair et al.,
2016).

ii.  Convergent Validity

Chin (1998) describes convergent validity as redundancy analysis, and the extent to which
different indicators correlate positively with each other for the same construct (Hair et al.,
2016). The term convergent validity can also refer to the similarity in degree of variance
among the specific construct indicators. Hair et al. (2014) identify that this validity can be

accessed by the factor loading size and average variance extracted (AVE).

The term factor loading is also known as the weight and correlation between individual
variables and factors. The relevance in defining the factors’ dimensions is identified by the

higher levels of loadings. On the other hand, low relevance is indicated by those values that
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have negative loadings (Reyna, 2010). To show more relevance, the factor loading values
should be 0.6 or higher (Hair et al., 2016). The AVE value that is acceptable, according to
Chin (1998), should be 0.5 or higher. The AVE value is measured by dividing the sum
square of standard factor loadings by the number of factor loadings (Hair et al., 2016).

iii.  Discriminant Validity

The degree to which the variable is empirically different from other variables in the model
path is called discriminant validity. No matter how much it is different, the indicators only
represent a single variable; moreover, how much it correlates to other variables (Chin,
1998; Diamantopoulos et al., 2008; Hair et al., 2016; Sarstedt et al., 2014). Discriminant
validity can also refer to the problem of how truly different a variable is from others
(Henseler et al., 2009).

Researchers like Fornell & Larcker (1981) suggested the most conservative criteria to
access discriminant validity. In this process, the researcher compares each variable’s
average variance extracted value to the square inter-contract correction of that construct
with other variables in the model structure. In particular, this validity is evaluated by
comparing the root square of the AVE for more than one variable and their correlation.
However, it is endorsed that the constructs will not show shared variance with other

variables where the AVE value is lower than the variable value.

The correlations between the factors and the variables should not increase more than 0.85
(Clark & Watson, 1995; Henseler et al., 2015; Kline, 2015). The cross loading of indicators
is the second common method by which to evaluate validity. In the approach, it was
suggested that the indicator variable might show a greater loading on its construct than
other constructs involved in the structural model. Heterotrait - monotrait (HTMT) is an
estimated ratio designed to measure the correlation between two constructs; it should

measure not more than 0.85. (Hair et al., 2016).
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3.14.6 Assessment of Structural Model

This section will explain the analysis for the first objective of the current study, which to
identify the individual factors effecting knowledge sharing behaviour among nursing
supervisors in online healthcare communities. Hair et al. (2016) discussed how the
evaluation of structural model findings includes examining the relationship between the
constructs and assessing the predictive capability of the model. This process involves many

sequential steps.

Collinearity

First is the examination of the collinearity of individual sets of predictor constructs

separately so as to determine which construct is considered as excluding variables.

Path coefficient

The second step involves obtaining the path coefficients used in this study to evaluate the
relationship between the variables. Furthermore, the standardized value of coefficient path
must be between +1 and -1, since results that are near to one indicate a good positive

relationship to the path coefficient.

Coefficient R?

The third step applies the determination of coefficient R? value so as to calculate the
predictive accuracy of the model. This analysis method is used to measure the squared
correlation between actual and predicted values of the endogenous variable. Concurrently,
this coefficient can present the combination effect of independent constructs on dependent
variables. The R? value should measure from 0 to 1, and the higher level of predictive
accuracy ought to be indicated by the higher level of R? value ( Hair et al., 2014). The
recommended R? value must be higher than 0.3 to reflect the accuracy of the structural
model (Ringle et al., 2010).
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Bootstrapping

In this study, the researcher also used parameter estimations, which are essential to SEM
analysis. The importance of these parameters lies in their use in generating the estimated
population covariance matrix for the structural model (Tabachnick & Fidell, 2008). In this
study, the researcher used the parameter estimates and coefficient value to examine the
hypothesis through bootstrapping with thousands of replications. A large number of
subsamples are used from the base studied sample with replacement in the bootstrapping
process. In the replacement process, an observation was taken randomly from the based
sample on each occasion (Hair et al., 2016). Bootstrapping must be used specifically to
measure the importance of the coefficient path. In this study, the researcher considers a
coefficient path with 5% probability of error as a significant. Also utilized were p value
and t value which measured the influence of variables at 5% level rent (Hair et al., 2014;
Kline, 2011).

3.15 Moderating Effect

This section will explain the analysis for the second objective of the study, which is to
assess the moderating effect of knowledge self-efficacy on the relationship between
individual factors and knowledge sharing behaviour among nursing supervisors in online
healthcare communities. The moderation effect is accounted for if the relationship between
the independent and dependent variables is strongly influenced and dependent on the third
variable which the researcher called the “moderator variable” (Preacher et al., 2007).
According to Hair et al. (2016), the moderator effect arises when an independent variable
(moderator) affects the strength of the relationship between the other two variables
(independent and dependent) in the research model. That variable can affect the direction
of the relationship between the dependent and independent variables in the research.

In this study, knowledge self-efficacy acts as a moderator in the research model. The

researcher measured the effect of the moderating variable on the relationship between the

independent (individual factors) and the dependent variables (knowledge sharing

behaviour). The research framework of this study explains the path model of three

variables. Figure 3.3 below demonstrates the relationship between all the variables. The
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representation of the independent variable in the figure below is (X); for the dependent

variable it is (Y); and the third variable (which is a moderator) is represented by (M):

|

Figure 3.4 The moderating effect

To assess the effects of the moderators on the relationship between individual factors and
knowledge sharing behaviour, the nature of this relationship should change as the values
of knowledge self-efficacy change. In the current study, the assessment of moderating
effects was achieved by including an interaction effect in the model and establishing
whether such interaction was significant. In such an analysis, all predictors should be
standardized to make interpretations easier and avoid the problem of multicollinearity
(Aiken et al., 1991). This step was implemented by subtracting a measured variable from
its respective mean. The results were then divided by the standard deviation of the
measured variable.

P3
P2

Figure 3.4 Interaction Terms Moderation
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According to (Hair et al., 2014), the moderating effect can be formulated as follows:

Y =(PLX+P2. M. +P3.(Y.M). (Equation 3.1)

The influence of X on Y depends on p1 and the product of p3 and M. Rewriting the equation
as follows shows how the moderator variable can be integrated into the model:

y=pl. X+ p2. M +p3. (Y .M). (Equation 3.2)

This equation illustrates that to include the effect of the moderator, the following are
required: specification of the sample effect of the independent variable(p1xX); the simple

effect of the moderator (p1xM); and the product term (interaction term) p3x (X. M).

To determine whether knowledge self-efficacy has substantial effects, the effects of an
interaction term on knowledge sharing behaviour should be significant. When a significant
moderating effect is confirmed, plots can be generated for each interaction. Based on the
suggestion of Aiken et al. (1991), Smart PLS four cell means were used to graphically
illustrate the interaction between the studied variables. This involves both individual
factors (low, moderate and high) as the independent variable and knowledge self-efficacy
(low and high) as a moderating variable and then crossing these levels to obtain cell means.
A low level is one standard deviation below the mean, while a high level is one standard
deviation above the mean. These relationships are presented diagrammatically in Chapter

Four.

Moderating effect was assessed using regression path coefficient for interaction term in the
model based on standard error, t-value, and p-value to evaluate the strength of the
moderating effect on the relationship between individual factors and knowledge sharing
behaviour (Hair, et al., 2014; Kline, 2011).
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3.16 Summary

In sum, this study employed an objectivist approach based on the philosophical research
paradigm of positivism. It was therefore deductive in that the researcher developed research
hypotheses from theories. Quantitative in nature, this study utilized a survey to gather the
required data. The census sample was involved in this study to test the hypotheses effect
and moderating role. A pilot study was first conducted by means of a self-administrated
questionnaire completed by a targeted sample of respondents in certain private hospitals in
Amman. Later, questionnaire was then distributed to 22 private hospitals. The descriptions
of data analysis were provided including descriptive analysis, measurement and structural

models of the assessment procedures; and an exploration of moderating effects.
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CHAPTER 4

DATA ANALYSIS

4.1 Introduction

This chapter presents descriptive statistics obtained from data analysis, hypothesis testing,
results from inferential statistics, and a theoretical analysis. The collected data comprised
analysis with the Statistical Package for Social Science (SPSS) version 23 and Partial Least
squares (PLS) for Structural Equation Modeling. In the measurement model, discriminant
validity and the convergent were tested. Structural models were used to test the
hypothesized relationships in this research. Therefore, the purpose of this chapter is to
deliver a full analysis of the data collected beginning with a description of the data
collection procedures. It follows with a description of the data analysis methods as well as

a measurement model and a structural model.

4.2  Response Rate

The response rate is defined as the percentage of questionnaires completed and returned by
the respondents to the researcher. The rate of response is a key issue in a large cross-
sectional survey (Beghin, 2012; Creswell, 2012). Typically, researchers aim for high
response rates to ensure that the sample is representative. The response rate also could
enable the researchers to generalize the results to the wider population (Saunders et al.,
2009). Creswell (2012) recommended that the rate should be 50% or higher, while
Saunders et al. (2009) recommended that the rate should be at least 60%.

For the current study, three hundred and thirty-seven (337) questionnaires were initially

distributed among nursing supervisors in 22 hospitals in Amman, Jordan. Out of the

distributed questionnaires, two hundred and ninety-five (295) were collected. The returned

questionnaires were screened; unusable surveys consisted of those either blank or only

partially completed with major portions and twelve (12) questionnaires excluded from the
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analysis. With 283 returned and usable surveys out of (337), the response rate was 84%
(283/337*100) as shown in Table (4.1).

Table 4.1 Summary of Response Rate

Total Percentage %
Total Number of distributed questionnaires 337 100
Total of Non-Responses 42 12.5
Unusable Responses 12 35
Outliers 0 0
Total of Usable Response 283 84

4.3  Preliminary Analysis

In the current study, in order to organize data prior to analysis, data were evaluated for,
specifically: missing data; the normality of data distribution; outliers; multicollinearity;
non-response bias; and common method bias which may influence use of the data analysis.

Thus, the following sections will explain the preliminary analysis in detail.

4.4  Missing Value Analysis

Missing data is the common problem that faces the researchers during the data analysis
process. This occurs during the data collection where responders may have missed
answering all the questions. This problem can be handled in different methods by
estimating the value to replace the missing value. It is important to screen the data for
missing values and cases and variables with more than 20% missing data must be excluded
from the analysis. However, the missing data can be measured based on three rules,

namely: variables; cases; and values.

The researcher found that the 14 variables had at least one missing observation and from
283 cases, only 19 cases had missing observations. Based on the values, there were only
22 missing data points from 7,053 that needed to be handled prior to the model

measurement. This represented 99.69 % of the total, which is insignificant. As the items of
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the questionnaire were ordinal, variables of missing data were replaced, with the median

of each variable calculated prior to analysis (Batista & Monard, 2003).

4.5 Normality Test

Distribution of data as a basic assumption in measuring the variation of constructs is stated
as normality in statistics. Normality of data can be measured by statistical parameters such
as the kurtosis and skewness test. As shown in Table 4.2, the distribution is normal, as all
the constructs never exceed a critical value of £1.96 for the kurtosis and skewness test (Hair
et al., 2016). Therefore, the result demonstrated that there is no normality issue because
the kurtosis and skewness values are between the critical values ranges. Hence, it can be
determined that the data set of all the items was well-modeled by a normal distribution as
shown in Table 4.2. Hence, it can be determined that the data set of all the items was well-
modeled by a normal distribution.

Table 4.2 Normality test for research variables

Variable Skewness Kurtosis
Statistic SE Statistic SE
TRUST 0.548 0.145 0.215 0.289
REC 1.117 0.145 1.012 0.289
REP 1.189 0.145 1.388 0.289
ABS 1.212 0.145 0.916 0.289
KSE 1.218 0.145 0.503 0.289
KSB 0.873 0.145 1.407 0.289

TRUST, REC: Reciprocity, REP: Reputation, ABS: Ability to share, KSE: Knowledge Self-Efficacy, KSB: Knowledge Sharing Behaviour.

4.6 Outliers

The presence of outliers indicates an observation that is considerably different from other
observations due to its high or low scores (Hair et al., 2006). Therefore, scholars assert that
outliers can have an impact on normality (Kline, 2015). Outliers take place when the
standard score is greater than +4 (Tabachnick & Fidell, 2001). Based on the outlier test

carried out for this study for the first model, the range (Min-Max) of Z-score for all research
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constructs were -2.369 to 3.969. Further, the result indicated that all Z-scores were in

acceptable range. In this perspective Table 4.3 presents the outlier results of this study.

Table 4.3 Result of outlier test

Variable Minimum Maximum
Zscore (TRUST) -2.369 3.261
Zscore (REC) -1.949 3.177
Zscore (REP) -1.913 3.328
Zscore (ABS) -1.943 2.924
Zscore (KSE) -1.527 2.387
Zscore (KSB) -1.793 3.969

TRUST, REC: Reciprocity, REP: Reputation, ABS: Ability to share, KSE: Knowledge Self-
Efficacy, KSB: Knowledge Sharing Behaviour.

4.7 Common Method Variance

Common method variance is a potential threat to internal validity, particularly when using
surveys that collect responses in a single setting. First, the threat of common method bias
is high if a single factor can account for the majority of covariance between the independent
and dependent variables (Podsakoff et al., 2003). Table 4.4 presents the CMV result based
on the study for the model. Based on the single-factor test, the first factor is accountable
for only 41.098 of the overall variances, which means that the common method variance
does not have any influence on the results.

Table 4.4 Common-method variance result (CMV)

Component Extraction Sums of Squared Loadings
Total Eigen value % of Variance Cumulative %
! 10.275 41098 41.098
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4.8  Multi - Collinearity Analysis

Multi-collinearity in sets of predictor constructs can be dealt with using SEM. Multi-
collinearity happens when two or more constructs are not independent, which is a matter
of degree and is identifiable. With the existence of multi collinearity, there will be issues
in understanding the pure effect of each independent construct in explaining the variance
in the dependent construct. As arule, it is recommended that two constructs with a bivariate
correlation in the middle 0.7s or higher must not be useful in the same analysis (Ferrari et
al., 2006; Tabachnick & Fidell, 2007). Variance inflation factors (VIFs) are utilized to
measure the influence of multicollinearity. While a VIF value of 10 is deliberated
problematic by Myers, Allison suggested a VIF value of 2.50 as a more conservative cut-
off. Two separate models (with and without moderating effect) were applied. As shown in
Table 4.5, in the first model, the highest VIF was 2.489 and for the second model, the
highest VIF was 3.970. These results were far below the cut-off of 10, and below the

conservative cut-off of 2.5.

Table 4.5 Test of Multicollinearity based on VIF

Exogenous Construct Model 1 Model 2
Trust 1.922 2.007
Reciprocity 2.489 2.546
Reputation 1.787 2.342
Ability to Share 2.33 2.395
Knowledge Self-efficacy 1.095 1.19
Trust * Knowledge Self-efficacy 3.970
Reciprocity * Knowledge Self-efficacy 3.437
Reputation * Knowledge Self-efficacy 3.174
Ability to Share * Knowledge Self-efficacy 3.124

A correlation coefficient of more than 0.85 between predictors represents high
multicollinearity (Garson,2008). According to Table 4.6, which represents the
multicollinearity test based on correlation coefficients among all variables, it was found
that all coefficients measured less than 0.8. Therefore, that indicated there is no

multicollinearity.
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Table 4.6 Multi-Collinearity test based on correlation coefficients

TRUST REP KSE REC ABS
TRUST 1
REP .568** 1
KSE A121* .234%* 1
REC .620** 579** .258** 1
ABS .601** .570** .182** 716** 1

KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation, KSS: knowledge sharing self-
efficacy, REC: Reciprocity, ABS: ability to share

4.9  Demographic Characteristics

Participant demographic data was collected to explore background factors. Demographic
factors considered in this study are as follows: gender; age; educational level; internet
usage; and experience in the health sector.

Asillustrated in Table 4.7, the respondents were predominantly female. Females comprised
52.7% of the sample whereas only 47.3% of the respondents were male. As shown in Table
4.6, four categories of age range choices were presented to the respondents, specifically:
25 to 30 years; 31 to 35 years; 36 to 40 years; and 40 years and older. The majority of the
respondents were between the ages of 25 to 30 years (30.4%), while the lowest frequency
was observed in the age range of 36 to 40 years (20.5%). Regarding an educational level,
most participants reported as being undergraduates with an educational level of 71.4%. In
addition, 15.9% of participants reported a high diploma; with 11.7% of the participants
holding a masters and only 1.1% holding a Ph.D. degree. Results for the levels of internet
usage among participants were as follows: the majority of respondents used the internet 1
to 3 hours per day (52.7%); followed by 4 to 6 hours per day (23.3%); and the lowest
frequency was observed for respondents who used the internet less than 1 hour per day
(1.1%). The experience in the health sector of respondents who participated in the study
was asked. The minimum experience of working in the health sector was less than 5 years
(6%). The percentage of respondents who had been working between 5 - 10 years was 23%
and the percentage of respondents who had been working for more than 10 years was 71%.
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Table 4.7 Demographic characteristics

Variable Level Frequency Percent
Gender Male 134 47.3
Female 149 52.7
Age 25-30 years 86 30.4
31-35 years 73 25.8
36-40 years 58 20.5
> 40 years 66 23.3
Education Bachelor 202 714
High diploma 45 15.9
Master 33 117
PhD 3 11
Internet usage < 1hour 27 9.5
1 - 3hours 149 52.7
4 - 6 hours 66 233
>6 hours 41 145
Experience <5 17 6
5-10 65 23

4.10 Descriptive Statistics

This section presents the descriptive statistics of the constructs in the model evaluation.
Descriptive statistics were employed in the initial stage of the data analysis process, i.e.,
by computing all of the constructs in the study, namely: trust reputation; knowledge self-

efficacy; reciprocity; ability to share; and knowledge sharing behaviour.

4.10.1 Descriptive Result of Trust

Table 4.8 shows the descriptive result of four items related to trust. Each scale is based on
a 5-point Likert scale. The mean value for the statement “Overall, the people in online
health communities were trustworthy” has the highest value with (M = 3.73, S. D = 0.84);
while the lowest mean value belongs to the statement “The people in online healthcare
communities were friendly.” with (M = 2.63, S. D = 0.76). The overall mean for all the
items was M = 2.68 of scale 3. This indicates that the level of trust was lower than the
median of scale (3) which revealed a less than moderate level for this construct among the

respondents.
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Table 4.8 Descriptive statistics related to the respondent’s trust

Item M SD
We were usually considerate of one another’s feelings in online healthcare 2.67 0.85
communities.
The people in online healthcare communities were friendly. 2.63 0.76
| could rely on those with whom | worked in online healthcare communities. 2.69 0.83
Overall, the people in online health communities were trustworthy. 2.73 0.84
Total 2.68 0.71

Note: M= mean, SD= standard deviation

4.10.2 Descriptive Result of Reciprocity

The respondents’ comments were studied using three items based on the 5-point Likert
scale ranging from “strongly disagree” to “strongly agree”. As shown in Table 4.9 with
regards to reciprocity, the statement “When | share my knowledge in online healthcare
communities, | expect the other members to respond whenever | am in need.” had the
highest mean score with (M = 2.55, S.D = 0.85); whilst the statement “When | share
knowledge in online healthcare communities, | believe that my questions will be answered
in the future.” had the lowest mean score with (M = 2.50, S.D =0.88). The overall mean
for reciprocity was M = 2.52, which was lower than the median of scale (3) which revealed

an almost low level for this construct.

Table 4.9 Descriptive statistics related to reciprocity

Item M SD
When | share knowledge in online healthcare communities, | believe that my questions will 2.50 0.88
be answered in the future.
| believe that other members whom | interact with would help me whenever | am in need in 2.52 0.85
online healthcare communities.
When | share my knowledge in online healthcare communities, | expect the other members to 2.55 0.85
respond whenever | am in need.
Total 2.52 0.78

Note: M= mean, SD= standard deviation
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4.10.3 Descriptive Result of Reputation

Table 4.10 provides the descriptive statistics on the ratings related to the reputation. As
seen in Table 4.3 with regards to reputation, the statement “I can earn some feedback or
rewards through participation that represents my reputation and status in the online
healthcare communities” recorded the highest mean score with (M = 2.54, S.D = 0.86);
while the lowest mean belongs to “I earn respect from others by participating in the online
healthcare communities.” with (M = 2.36, S.D = 0.90). The overall mean of skills was
M=2.46 which was lower than the median of scale (3), which revealed an almost low level

for this construct.

Table 4.10 Descriptive Statistics Related to Reputation

Item M SD
| earn respect from others by participating in online healthcare communities. 2.36 0.90
| feel that participation improves my status in online healthcare communities. 2.43 0.86
My participating in online healthcare communities can enhance my reputation in my professional field. 251 0.86
I can earn some feedback or rewards through participation that represent my reputation and status in the online healthcare 2.54 0.86
communities.

Total 2.46 0.76

Note: M= mean, SD= standard deviation

4.10.4 Descriptive Result of Ability to Share

Table 4.11 provides the descriptive statistics on the ratings related to the ability to share.
Each scale was based on a 5-point Likert scale. According to the descriptive statistics of
related items to the ability to share (Table 4.10), the highest mean belongs to “I am fully
capable of sharing my knowledge with others in online healthcare communities.” with (M
= 2.65, S.D = 0.93). The lowest mean belongs to “l believe | am fully capable of sharing
my knowledge at any time in online healthcare communities.” with (M = 2.56, S.D = 0.93).
The overall mean for all the items showed that the level of ability to share was less than
the median of scale (3), which revealed a less than moderate level for this construct among

the respondents. The overall mean for all the items indicated that the level of capability to
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share was less than the median of scale (3), which exposed a less than moderate level for

this construct among the respondents.

Table 4.11 Descriptive Statistics Related to Ability to Share

Item M SD
| am fully capable of sharing my knowledge with others in online healthcare 2.65 0.93
communities.
If it depended only on me, | would exhaustively share my knowledge in online 2.57 0.90
healthcare communities.
I am fully capable of articulating my knowledge in written or spoken form in online 261 0.90
healthcare communities.
I believe | am fully capable of sharing my knowledge at any time in online healthcare 2.56 0.93
communities.

Total 2.60 0.82

Note: M= mean, SD= standard deviation

4.10.5 Descriptive Result of knowledge Self-Efficacy

To address the measurement of knowledge self-efficacy (which includes six items), the 5-
point scale ranging from strongly disagree to strongly agree was employed. Table 4.12
shows that the overall mean for all the items is M = 2.56, which indicates that the level of
knowledge self-efficacy is lower than the median of scale (3). According to the descriptive
statistic of items related to knowledge self-efficacy, the highest mean belongs to “My
limited knowledge, even if shared, will generate little effect within the online healthcare
communities” with (M = 3.32, S.D =1.15). This was followed by “I am confident that my
knowledge sharing would increase the productivity in the online healthcare communities.”
with (M = 2.63, S.D =1.13). The lowest mean belongs to “The knowledge | share with my
colleagues would be very useful to them in online healthcare communities. “with (M =
2.46, S.D = 1.15).
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Table 4.12 Descriptive Statistics Related to Knowledge Self-Efficacy

Item M SD
The knowledge | share with my colleagues would be very useful to them in online 2.46 1.15
healthcare communities.
My personal expertise will display its value if shared within the online healthcare 2.59 1.14
communities.
My limited knowledge, even if shared, will generate little effect within the online 3.32 1.15
healthcare communities. (R)
I am confident that my knowledge sharing would improve work processes in the 2.56 1.10
online healthcare communities.
I am confident that my knowledge sharing would increase the productivity in the 2.63 1.13
online healthcare communities.

Total 2.56 1.02

Note: M= mean, SD= standard deviation

4.10.6 Descriptive Result of Knowledge Sharing Behaviour

To address the measurement of knowledge sharing behaviour, five items were designed
utilizing the 5-point scale indicators ranging from strongly disagree to strongly agree.
Based on Table 4.13, the overall mean of all the items is M = 2.17 which shows that the
level of knowledge sharing behaviour is lower than the median of scale (3). As shown in
Table 4.12, the highest mean belongs to “I keep my work experience and never share it out
with others easily in online healthcare communities.” with (M = 3.58, S.D =1.20). This was
followed by “I actively use online healthcare community’s sources available to share my
knowledge.” with (M =2.324, S.D =0.81). The statement “ So long as the other colleagues
need it, | always tell whatever 1 know without any hoarding in online healthcare

communities” with (M = 2.00, S.D = 0.80) had the lowest mean score.
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Table 4.13 Descriptive Statistics Related to Knowledge Sharing Behaviour

Item M SD

In daily work, | take the initiative to share my work-related knowledge to my 2.23 0.85
colleagues in online healthcare communities.

| keep my work experience and never share it out with others easily in online 3.58 1.20
healthcare communities. (R)

After learning new knowledge useful to work, | promote it to let more people learn it 2.12 0.81

in online healthcare communities

I actively use online healthcare community’s sources available to share my 2.32 0.81
knowledge.
So long as the other colleagues need it, | always tell whatever | know without any 2.00 0.88

hoarding in online healthcare communities
Total 217 0.65

Note: M= mean, SD= standard deviation

411 Structural Equation Modelling (SEM)

SEM involves both a measurement model and a structural model by comprising factor
analysis and multiple regression that are able to assess the complex relationship between
one or more exogenous variables and one or more endogenous variables. SEM is generally
used in social science as it is able to assign a relationship between latent variables from
observing variables. SEM is performed in two steps: measurement model and structural
model. This means that initially it processes with validating the measurement model
through confirmatory factor analysis and enters to the second step by fitting the structural

model through path analysis with latent variables.

4.11.1 Measurement Model

The measurement model shows how a latent variable is measured in terms of the observed
variable. It is concerned with the relationship between observed variables and a latent
variable. Such a model can evaluate the hypothesis on the relationship between an observed
variable and the construct that it is designed to measure. The measurement model is
important because it can afford a test for the reliability of observed variables when applying
to measure the latent variables. Assessing the measurement model, this study evaluated
Cronbach’s alpha and composite reliability (CR) to investigate internal consistency and
average variance extracted (AVE) to examine convergent validity. In addition, Fornell-
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Larcker criterion, HTMT method, and cross-loadings were used to investigate discriminant

validity.

) Internal Consistency
This type of reliability takes into account the different outer loadings of the indicator

variables and is calculated using the following formula:

The calculation of internal consistency for an item is carried out using Cronbach’s alpha
(CA). Internal consistency reliability is described as being satisfactory once the value is at
least 0.7 in the first stage and rates above 0.8 or 0.9 in more advanced stages of research;
whereas a value below 0.6 indicates a lack of reliability (Nunnally & Bernstein, 1994). The

internal consistency for an item is performed using Cronbach’s alpha (CA).

Composite Reliability (CR) larger than 0.7 is acceptable (Hair et al., 2011). Then, the CR
following the improvement of the reliability of the questionnaire is possible via removing
the increasing error of the statements. Table 4.14 indicates that the CR of each construct
for this study ranges from 0.784 to 0.925, which is above the suggested threshold value of
0.7. Thus, the results indicate that the items used to represent the constructs have acceptable

internal consistency reliability.

Table 4.14 The result of consistency reliability

Construct Cronbach's Alpha CR
Trust 0.889 0.923
Reciprocity 0.893 0.933
Reputation 0.901 0.931
Ability to Share 0.919 0.943
Knowledge Self-efficacy 0.925 0.947
Knowledge sharing behaviour 0.784 0.861
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i) Convergent Validity

In this study, the measurement model’s convergent validity is assessed by examining its
average variance extracted (AVE) value. Convergent validity is adequate when constructs
have an average variance extracted (AVE) value of at least 0.5 or more. Table 4.14 shows
that all constructs have AVE ranging from 0.610 to 0.824, which exceeded the
recommended threshold value of 0.5. This result shows that the study’s measurement

model has demonstrated an adequate convergent validity.

Table 4.15 The result of Convergent Validity

Construct Item initial model Modified model AVE
Trust Trustl 0.850 0.850 0.751
Trust2 0.868 0.868
Trust3 0.883 0.883
Trust4 0.865 0.865
Reciprocity REC1 0.907 0.906 0.824
REC2 0.908 0.908
REC3 0.909 0.909
Reputation REP1 0.842 0.842 0.770
REP2 0.908 0.908
REP3 0.887 0.887
REP4 0.873 0.873
Ability to Share ABS1 0.910 0.910 0.806
ABS2 0.911 0.911
ABS3 0.915 0.915
ABS4 0.854 0.854
Knowledge Self-Efficacy KSE1 0.869 0.882 0.816
KSE2 0.879 0.897
KSE3 0.432 Deleted
KSE4 0.900 0.906
KSE5 0.925 0.929
Knowledge sharing KSB1 0.684 0.688 0.610
behaviour KSB2 -0.163 Deleted
KSB3 0.785 0.785
KSB4 0.803 0.806
KSB5 0.839 0.836
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iii) Discriminant Validity

Discriminant validity is defined when a construct is acceptably different from other
constructs by empirical standards. In this study, the discriminant validity was measured
through three different methods as suggested by Hair et al. (2016) as follows:

a) Fornell — Larcker

To establish discriminant validity, the square root of the AVE of each construct can be
compared with the correlations of this construct to all other constructs. Fornell & Larcker
(1981) declared that the square root of AVE should be greater than the corresponding
correlations among the latent constructs. The AVE for all variables exceeded the suggested
value of 0.50 implying that the variance captured by the construct was significantly greater
than that attributable to error. As shown in Table 4.15, the result demonstrates that the
constructs were more strongly related to their respective indicators than to the other
constructs in the model where each construct achieved a higher value with the same
construct such as the manner in which ABS achieved 0.898, KSE 0.904, KSB 0.781, REC
0908, REP 0.878 and Trust 0.867. The result indicating the measure has adequate
discriminant validity. This result confirms that the measurement model has discriminant

validity.

Table 4.16 Correlation of latent variables and discriminant validity (Fornell-Larcker)

Construct ABS KSE KSB REC REP Trust
ABS 0.898
KSE 0.185 0.904
KSB 0.717 0.18 0.781
REC 0.716 0.26 0.69 0.908
REP 0.572 0.237 0.61 0.581 0.878
Trust 0.602 0.124 0.645 0.621 0.567 0.867

Bold Number is the Square root of AVE.KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation,
KSE: knowledge self-efficacy, REC: Reciprocity, ABS: ability to share
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b) HTMT

The heterotrait-monotrait ratio of criterion (HTMT) is a new approach designed to assess
discriminant validity in variance-based SEM. HTMT was also performed for the model in
order to assess discriminant validity. The HTMT approach is an estimate of the correlation
between the constructs. Hair et al. (2014) suggested that the HTMT value has to be in the
range of 0.85 to 0.90, meaning that the two constructs were distinct. Table 4.16 reveals the
HTMT values for all of the constructs in this research. Thus, the constructs displayed
sufficient discriminant validity.

Table 4.17 Correlation of latent constructs and discriminant validity (HTMT method)

ABS KSB REC REB Trust
ABS
KSB 0.844
REC 0.789 0.823
REB 0.626 0.722 0.646
Trust 0.664 0.772 0.696 0.634

KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation, KSE: knowledge self-efficacy, REC:
Reciprocity, ABS: ability to share.

c) Cross loading

According to Hair et al. (2016), the last part of the evaluation of discriminant validity at
item level is performed by assessing the cross loading of items. This is to determine that
the loading of indicators on the apportioned latent construct should be higher than the
loading on all other constructs by row and by column. In other words, the indicators’
(items) loading of their own construct should be higher than the loading on another
construct. The findings in Table 4.17 confirmed that all the indicators’ loadings of the
assigned latent construct are higher than the cross loading on other constructs (by row and

by column). The result indicated a good degree of uni-dimensionality for each construct.
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Table 4.18 Loading and cross loading of constructs for discriminant validity assessment

ABS KSB KSE REC REP Trust
ABS1 0.910 0.655 0.149 0.630 0.565 0.551
ABS2 0.911 0.643 0.129 0.590 0.488 0.543
ABS3 0.915 0.619 0.191 0.590 0.479 0.493
ABS4 0.854 0.654 0.195 0.754 0.519 0.571
KSB1 0.531 0.688 0.136 0.466 0.401 0.453
KSB3 0.575 0.785 0.161 0.585 0.504 0.508
KSB4 0.547 0.806 0.083 0.514 0.48 0.532
KSB5 0.584 0.836 0.18 0.583 0.513 0.518
KSE1 0.155 0.131 0.882 0.237 0.218 0.109
KSE2 0.202 0.184 0.897 0.258 0.238 0.149
KSE4 0.120 0.146 0.906 0.179 0.186 0.058
KSE5 0.180 0.179 0.929 0.257 0.210 0.122
REC1 0.673 0.623 0.256 0.906 0.560 0.57
REC2 0.627 0.640 0.240 0.908 0.513 0.567
REC3 0.649 0.617 0.213 0.909 0.509 0.554
REP1 0.453 0.468 0.179 0.46 0.842 0.471
REP2 0.559 0.575 0.245 0.536 0.908 0.52
REP3 0.508 0.539 0.185 0.537 0.887 0.518
REP4 0.483 0.553 0.216 0.500 0.873 0.48
Trustl 0.552 0.553 0.123 0.496 0.498 0.850
Trust2 0.537 0.584 0.13 0.554 0.462 0.868
Trust3 0.487 0.549 0.075 0.572 0.505 0.883
Trust4 0.509 0.547 0.101 0.528 0.502 0.865

KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation, KSE: knowledge self-efficacy, REC:
Reciprocity, ABS: ability to share

4.11.2 Structural Model

Path analysis is a statistical method based on linear regression and is the preferred
analytical approach in social science. In addition, path analysis is a powerful way to
examine all of the complex relationships simultaneously (Tabachnick et al., 2008). The
main phase in SEM analysis comprises the use of the structural equation model which can
be used by evaluating the relationships among the research constructs. The structural
equation model is the second main step of SEM analysis after fitting the measurement
model. The structural model can be applied by identifying the relationships among the
variables. The structural model provides details on the relations between the variables. It
illustrates the specific information about the relationship between the independent or

exogenous variables and dependent or endogenous variables (Hair et al., 2006).
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Evaluation of the structural model focuses firstly on the overall model fit, followed by the

size, direction, and significance of the hypothesized parameter estimates (Hair et al., 2006).

Structural models could be implemented by establishing the relationships among variables.
It provides more information as to the inter-connections among these variables. It also
details key information regarding independent or exogenous variables as well as dependent
or endogenous variables (Hair et al., 2006). Evaluation of structural model mainly looks
into the size of effect, direction, and implication of the hypothesized parameter
approximations are established (Hair et al., 2006). The present study’s model involves the
moderator, and thus it is feasible to study the moderating outcome as an interaction term
among independent variables and dependent variable. The final part involves validation of

anticipated correlation for the research established as hypotheses illustrated in Table 4.19.
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Table 4.19 List of hypotheses and relative paths

Hypothesis

Path

H1:

H2:

H3:

H4:

H5:

H6:

H7:

H8:

Trust will have a positive significant effect on knowledge sharing behaviour in online health communities.

Reciprocity will have a positive significant effect on knowledge sharing behaviour in online health communities.

Reputation will have a positive significant effect on knowledge sharing behaviour in online health communities.

Ability will have a positive significant effect on knowledge sharing behaviour in online health communities.

Knowledge Self-efficacy moderates the relationship between trust and knowledge sharing behaviour.

Knowledge Self-efficacy moderates the relationship between reciprocity and knowledge sharing behaviour.

Knowledge Self-efficacy moderates the relationship between reputation and knowledge sharing behaviour.

Knowledge Self-efficacy moderates the relationship between ability to share and knowledge sharing behaviour.

TRUST —» KSB

REC —p KSB

REP —» KSB

ABS - >

KSE
TRUST ———p
KSE
REC —p
KSE
REP —  »
KSE
ABS ——»

KSB

KSB

KSB

KSB

KSB

KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation, KSE: knowledge self-efficacy, REC: Reciprocity, ABS: ability to share
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PLS-Structural equation modeling was used to evaluate the research hypotheses.
According to the research framework, Figure 4.1 in the first model evaluates the effects
of four independent variables including trust, reputation, reciprocity, and ability to share
on knowledge sharing behaviour. In the second model, the moderating effect of
knowledge self-efficacy on the relationship between independent variables and

knowledge sharing behaviour was evaluated.
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Figure 4.1 The research model
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) Model 1: Direct Effect of Vs on DV

The bootstrapping approach was used to evaluate the significance of the proposed
research hypotheses for the first model. Bootstrapping includes the random re-sampling
of the original dataset to generate new samples of the same size as the original dataset.
This technique tests not only the reliability of the dataset but also assesses the statistical
significance of these coefficients and subsequently the error of the estimated path
coefficients (Chin, 1998). As shown in Figure 4.2, the standardized path coefficients ()
and p-values, the significance of the paths and the R? for each endogenous construct were
tested.

This section discusses the first objective which involve H1, H2, H3 and H4. The result
of the bootstrapping method has been shown in Table 4.20, where it demonstrates p-
values for each path. According to the results, the effect of all independent variables on
knowledge sharing behaviour was statistically significant. According to these results, the
ability to share knowledge is the most important antecedent for knowledge sharing
behaviour among nursing supervisors. Knowledge-sharing behaviour can be improved
and enhanced when nursing supervisors are able to share knowledge via online healthcare
communities; the effect of the ability to share on knowledge sharing behaviour was
positive and significant (f =0.334, p=0.001). Similarly, reciprocity had a positive and
significant effect (3=0.222, p=0.002) on knowledge sharing behaviour. The results also
showed that both reputation (B =0.172, p=0.02) and trust (f =0.209, p=0.001) had a
positive and significant effect on knowledge sharing behaviour. Finally, these
bootstrapping results showed that the direct effect of all the independent variables on
knowledge sharing behaviour is statistically significant which means a higher level of
these factors would improve the level of knowledge sharing behaviour among

respondents.
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Note: ***: p<0.01; **: p<0.05;
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Figure 4.2 Path Model of knowledge sharing behaviour without Moderating effect.
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Table 4.20 List of hypotheses and relative paths for the first model

Path B
H1 Trust -> KSB 0.209
H2 Reciprocity -> KSB 0.222
H3 Reputation -> KSB 0.172
H4 Ability to Share -> KSB 0.334

SE

0.049

0.072

0.074

0.049

T Values

4.217

3.067

2.333

6.839

P Values

0.000 ***

0.002 ***

0.020 **

0.000 ***

Note: ***: p<0.01; **: p<0.05;

i) Model 2: Moderating Effect of Knowledge Self-Efficacy

This section discusses the second objective which involve H5, H6, H7 and H8. To explore

whether knowledge self-efficacy significantly moderates the relationship between trust,

reputation, reciprocity, and ability to share on knowledge sharing behaviour, knowledge

self-efficacy was added to the model as a moderator. In addition, all interaction effects

were added into the model using this function in Smart-PLS based on the two-stage

approach. This approach uses the latent variable scores of the latent predictor and latent

moderator variable from the main effects model (without the interaction term). These

latent variable scores are saved and used to estimate the product indicator for the second

stage analysis that involves the interaction term in addition to the predictor and moderator

variable (Figure 4.3).
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The result of the bootstrapping method (Table 4.20) for moderator variables in the model
showed that knowledge self-efficacy had a significant moderating effect on the
relationship between reciprocity, reputation, and trust with knowledge sharing behaviour.

According to the results, it was found that the moderating effect of knowledge self-
efficacy (interaction between knowledge self-efficacy and trust, TRUST*KSE) exists in
the relationship between reputation and knowledge sharing behaviour. The results were
also statistically significant ( =0.142, p=0.03) and positive which revealed the fact that
knowledge self-efficacy was able to moderate positively the relationship between trust
and knowledge sharing behaviour. Based on these findings, it can be found that trust is
more positively effective on knowledge sharing behaviour when the knowledge self-
efficacy is at a higher level; when the level of knowledge self-efficacy increases then this
factor will increase accordingly. Trust will increase the level of knowledge sharing

behaviour among respondents that can be seen in slope analysis (Figure 4.7).

When using Smart PLS 3, the software executes many types of moderation, standardizes
when necessary, and produces a simple slope analysis for interpreting moderation results.
To assist interpretation of the interaction, Smart PLS 3 computes and the output displays
a simple slope plot. Slope plots are typically used as a visual illustration to gain a better
understanding of the moderation effect. A slope plot displays a two-way interaction of
the relationship between independent variable and dependent variable respectively. The
horizontal x-axis represents the exogenous construct (independent variable) and the
vertical y-axis represents the endogenous construct (dependent variable). The three lines
illustrate the relationship between independent variable and dependent variable at three
levels (low, moderate and high of the moderator construct (M). The low level of M is one
standard deviation unit below the average, the second level is the average of moderator
and the high level of M is one standard deviation unit above the average. Differences

among the slope of these three lines indicate the existing of moderation (Sarstedt, 2010).
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The moderating effect of knowledge self-efficacy (interaction between knowledge self-
efficacy and reciprocity, REC*KSE) on the relationship between reciprocity and
knowledge sharing behaviour was statistically significant (f =-0.167, p=0.018). It was
also negative which means the knowledge self-efficacy was able to moderate negatively
the relationship between reciprocity and knowledge sharing behaviour. This finding
indicated that, at a high level of knowledge self-efficacy, reciprocity had a lower effect
on knowledge sharing behaviour and when the level of knowledge self-efficacy reduces
then reciprocity would be more effective on knowledge sharing behaviour. The results of

slope analysis (Figure 4.5) also support this finding.

The moderating effect of knowledge self-efficacy (interaction between knowledge self-
efficacy and reputation, REP*KSE) on the relationship between reputation and
knowledge sharing behaviour also was statistically significant (f =0.192, p<0.001) and
positive. This revealed that knowledge self-efficacy was able to moderate positively the
relationship between reputation and knowledge sharing behaviour. According to these
results, it can be concluded that at a high level of knowledge self-efficacy, reputation is
more positively effective on knowledge sharing behaviour. Similarly, when the level of
knowledge self-efficacy increases, then the reputation factor will affect the level of
knowledge sharing behaviour among respondents. Slope analysis (Figure 4.6) also

showed the same pattern.

The moderating effect of knowledge self-efficacy (interaction between knowledge self-
efficacy and ability to share, ABS*KSE) on the relationship between the ability to share
and knowledge sharing behaviour was negative but not statistically significant (p =-
0.119, p=0.073). This means that knowledge self-efficacy was not able to moderate the
relationship between the ability to share and knowledge sharing behaviour as shown in
(Table 4.21).
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Table 4.21 Test of the Moderating Effect of knowledge self-efficacy

Path

H5 Trust*KSE -> KSB

H6 REC*KSE -> KSB

H7 REP*KSE -> KSB

H8 ABS*KSE -> KSB

p

0.149

-0.167

0.192

-0.119

SE

0.069

0.071

0.053

0.066

T Values

2.166

2.358

3.640

1.794

P Values

0.03 **

0.018 **

0.001 ***

0.073

Note: ***: p<0.01; **: p<0.05

The results of moderating effect shows that knowledge self-efficacy positively moderated

the relationship between reputation and trust with knowledge sharing which indicated

when the level of knowledge sharing increase then both reputation and trust are more

effective on improving the level of knowledge sharing while self-efficacy negatively

moderated the relationship between reciprocity and ability to share with the knowledge

sharing means when the level of self-efficacy increase the impact of these two factors on

knowledge sharing will be less compare to situation that self-efficacy is low among health

care providers.
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Figure 4.5 Slope analysis for moderation effect of KSE on the relationship between
REC and KSB.
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Figure 4.6 Slope analysis for moderation effect of KSE on the relationship between
REP and KSB.
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Figure 4.7 Slope analysis for moderation effect of KSE on the relationship between
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Figure 4.8 Slope analysis for moderation effect of KSE on the relationship between
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iii) Coefficient of Determination (R?)
The R? value shows the amount of variance independent variables that can be explained
by the independent variables. Thus, a larger R? value increases the predictive ability of
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the structural model. In this study, Smart-PLS algorithm function is used to obtain the R?
values. The adjusted R? for knowledge sharing behaviour in two models were 0.627 and
0.685 respectively. This indicated that 62.7% of knowledge sharing behaviour could be
explained by the four predictors including trust, reputation, reciprocity, and ability. The
adjusted R? for the second model after adding the moderator indicated that 68.5% of
changes in the knowledge sharing behaviour among respondents can be explained by four
predictors and knowledge self-efficacy as a moderator. Table 4.22 shows the result of the

R square of models 1 and 2.

Table 4.22 Results of the coefficient of determination (R?) on KSB

Model R? Adj R?
Model 1 0.632 0.627
Model 2 0.695 0.685

iv)  Effect Size f2

The change in the Rz value while a particular independent construct is eliminated from
the model can be used to evaluate whether the omitted construct has a basic influence on
the dependent constructs. This measure indicates the 2 or effect size. The calculation of

the effect size is as shown below:

2 2
f2 _ Rincluclecl B Rexcluded

— R?

included

Recommended guidelines for assessing effect size are f2 > 0.02, 2> 0.15 and f2 > 0.35,
respectively representing small, medium and large effect size of the exogenous construct
in Table 4.23, the result of 2 indicated that effect size of all exogenous constructs for
knowledge sharing behaviour in the first model was between small effect size and
moderate while the highest effect size belonged to the ability to share with 2=0.130,
which is close to medium effect size. For the second model also the highest effect size
belonged to the ability to share with (f°=0.135) followed by Reputation *KSE (f>=0.78)

which ranges between small and medium effect size.
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Table 4.23 Results of effect size f2 for knowledge sharing behaviour

Exogenous constructs Model 1 Model 2
Trust 0.062 0.038
Reciprocity 0.055 0.061
Reputation 0.046 0.023
Ability to Share 0.13 0.135
Knowledge Self-Efficacy <0.001
Trust *KSE 0.026
Reciprocity *KSE 0.032
Reputation *KSE 0.078
Ability to Share*KSE 0.015

V) Predictive Relevance Q? of Structural Model

An important aspect of a structural model is its capability to determine the predictive
relevance of the model. The blindfolding procedure was employed to establish cross-
validated redundancy measures for each construct. The results revealed that the Q? values
of knowledge sharing behaviour in the model; one with value (0.350) and Q? values of
knowledge sharing behaviour with value (0.392). In the model, two are larger than zero
as shown in Table 4.24, recommending that the independent constructs have predictive
relevance for the dependent constructs under consideration in this study (Hair et al.,
2011).

Table 4.24 Results of predictive relevance (Q ?)

Model Q?
Model 1 0.360
Model 2 0.392

412 Summary

This chapter describes the assessment of measurement and structural models which
include coefficient of determination of R square and predictive relevant Q2. The first
model measured using the direct effect of the exogenous variables on the endogenous
variable which all the hypotheses were supported. Further, the second model that includes
the moderator effect shows that all hypotheses were supported with the exception of one

hypothesis which found that the ability to share was not affected by knowledge sharing
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behaviour through the moderating effect of knowledge self-efficacy. The discussion,
implication of findings, limitation of study and future research are presented in the next

following chapter.

111



CHAPTER 5

DISCUSSION AND CONCLUSION

5.1 Introduction

This final chapter aims to recapitulate the whole study, discuss the results and present the
contributions of the study This chapter is divided into several parts. First, the
recapitulation of the study’s findings is presented. The next section explains how the
contributions of the study are elaborated in two directions in terms of theoretical and
practical contributions. Additionally, the limitations of the study are presented together

with recommendations for future research, based on the study’s results.

5.2 Discussion

This section presents discussion of the findings and comparisons with previous studies.
The main objective for the current research is to identify the individual factors affecting
knowledge sharing behaviour among nursing supervisors in online healthcare

communities in Jordan.

Firstly, the findings showed that trust is an antecedent of knowledge sharing behaviour
among nursing supervisors in online healthcare communities in private hospitals in
Jordan. This result implies that the nursing supervisors’ knowledge sharing behaviour
can be improved and enhanced via their trust in the online healthcare communities. This
finding is consistent that trust is a significant predictor of knowledge sharing behaviour
with the assertion of (Hu et al 2012, Chowdhury, 2005, Jain et al., 2015) .In addition,
this result is in line with the findings of Hu et al (2012) that trust and knowledge sharing
have a positive relationship. The present study in the context of Jordan confirms that trust
is an important antecedent of knowledge sharing behaviour. Thus, if nursing supervisors
trust the online healthcare community, they are more likely to share their knowledge.
People tend to be influenced to transfer their knowledge when they believe the receivers

to be reliable. Thus, greater levels of trust could cause more occurrences of knowledge
112



sharing since individuals tend to not expect negative outcomes from those they trust and
share their knowledge with (Jinyang, 2015a; Gansiniec, 2017; Zafer, 2017).

Secondly, reciprocity is found as factor affecting on knowledge sharing behaviour among
nursing supervisors in online healthcare communities. The result implies that knowledge
sharing behaviour in nursing supervisors relied on the norm of reciprocity. This result has
been approved along with other studies who argued that reciprocity affects knowledge
sharing, and it becomes better to share knowledge when individuals have reciprocity. Fen
Lin (2007) mentioned that when individuals have reciprocity, this affects knowledge
sharing of employees in a positive way. This fact means that knowledge sharing
behaviour can be enhanced through reciprocity in online healthcare communities. These
findings are parallel to the social exchange theory. In an exchange relationship, the
relationship between the two parties is based on social exchanges. As a give and take
process, when nursing supervisors share important knowledge to others, other members
of the community are bound to share knowledge of equal importance. Therefore, when
nursing supervisors have a reciprocal relationship with the community, they are likely to
share their knowledge with the members.

Thirdly, this study found that reputation is also another factor that influencing knowledge
sharing behaviour among nursing supervisors in online healthcare communities in private
hospitals in Jordan. In addition to the direct influence of reputation, this result implies
that nursing knowledge sharing behaviour can also be improved and enhanced by the
reputation of nursing supervisors in online healthcare communities. These findings are
also parallel to a number of studies that elaborated the relationship between reputation
and knowledge sharing behaviour (Jin et al., 2016; Zhang Deng et al., 2017a). Ramsaran-
Fowdar (2005), noted that reputation is a crucial element for practitioners in healthcare
knowledge sharing because individuals who are seeking health advice rely heavily on
word-of-mouth advice during the selection of their practitioners, which depends greatly
on the practitioner’s reputation. Likewise, Yan et al. (2016b), claimed that health
practitioners share a considerable amount of knowledge in advance for the sake of their
professionsal reputations. They considered reputation as a critical factor by which to
proceed with knowledge sharing in online healthcare communities by giving a value to

their working reputation and practice. Due to the fact that online systems record
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knowledge contribution rankings for members of online healthcare communities, the
contributors become known to other community members, thereby increasing their
reputation (Agarwal, 2007). This was approved by Phang, Kankanhalli, & Sabherwal
(2009), when they reported that reputation includes the posters of individuals who
provide a great motivation to share knowledge and contribute. In addition, several studies
reported that reputation is a key element in the knowledge sharing process of individuals
which can improve their behaviours to share and exchange information related to their
knowledge and practices (Lai & Hsieh, 2013; Lai & Teng, 2014; Sun et al., 2014).

This result affirms that reputation could provide a valuable source of advice for nursing
supervisors to use and share their knowledge in online health care communities. One way
to enhance the reputation and knowledge sharing behaviours is to answer questions and
provide treatment advice. Thus, in line with the theory of social exchange, the present
study found that when nursing supervisors have a good reputation, they would be more
inclined to share more knowledge in online communities. The findings also indicate that
reputation has significance on knowledge sharing behaviour. Nursing members who
obtain benefits from the online healthcare community (e.g. recommendations, rating) are

more likely to share their knowledge.

Nursing members who obtain benefits from the online healthcare community (e.g.
recommendations, rating) have the tendency to share their knowledge, mostly looking to
increase their reputation; thus, in an exchange relationship, they will share knowledge to
gain an enhanced reputation. These results extend our understanding of reputation and
its influence on knowledge sharing, especially in the context of online healthcare

communities in Jordan’s context.

Fourthly, this study found that ability to share is a determinant of knowledge sharing
behaviour in online healthcare communities in private hospitals in Jordan. This result was
supported by the literature which shows that the ability to share is relevant for knowledge
sharing ( Lin & Lin, 2007; Radaelli.,2014; Spiller, 2016; Sun et al., 2014).

This result may explain that the knowledge sharing behaviour can be improved and

enhanced directly when nursing supervisors are able to share knowledge via online
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healthcare communities. When nursing supervisors have the ability to share their
knowledge, they are likely to participate in knowledge sharing in online healthcare
communities. Thus, these results extend our understanding of the ability to share together
with its association with knowledge sharing behaviour in online healthcare communities

in the context of Jordanian online healthcare communities.

The second objective of this study is to assess the moderating effect of knowledge self-
efficacy on the relationship between individual factors and knowledge sharing behaviour
among nursing supervisors in online healthcare communities in Jordan. First, it was found
that knowledge self-efficacy acts as a moderator between trust and knowledge sharing
behaviour in online health care communities. If an individual has a strong sense of
knowledge self-efficacy, he or she will have no problem in sharing (Kankanhalli et al.
2005; Min Lai & Hsieh, 2013).Knowledge self-efficacy among nursing supervisors can
increase the effect of trust on knowledge sharing behaviour in online healthcare
communities in Jordan. With higher knowledge self-efficacy, the effect of trust on the
part of nursing supervisors is more positive and effective regarding their knowledge
sharing behaviour. In line with Social Cognitive Theory, this finding suggests that

nursing knowledge sharing behaviour increases with their ability to control or behave.

Secondly, knowledge self-efficacy (interaction between knowledge self-efficacy and
reciprocity) was found as the moderator between reciprocity and knowledge sharing
behaviour among nursing supervisors in online healthcare communities. The findings of
this study indicated that reciprocity has both a significant and negative effect of knowledge
sharing behaviour. According to Min Lai & Hsieh (2013) found that reciprocity was a
critical motivator of continued knowledge-sharing behaviour for people with a low level
of knowledge self-efficacy. More specifically, the moderating effect of knowledge self-
efficacy between reciprocity and knowledge sharing behaviour implies that an individual
with low knowledge self-efficacy is more reciprocal to share knowledge than an

individual with a high score of knowledge self-efficacy.

Thirdly, the present study also found that knowledge self-efficacy acts as an moderator
between reputation and knowledge sharing behaviour. The moderating effect of

knowledge self-efficacy on reputation and knowledge sharing behaviour implies that the
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effect of reputation on knowledge sharing behaviour was high for the employee having a
high level of self-efficacy. According to Lai et al. (2013), reputation had a strong
influence on knowledge contributors with high levels of knowledge self- efficacy. This
significance of the moderating role of knowledge sharing between reputation and
knowledge sharing is also in line with social cognitive theory. As stated, the theory asserts
that behaviour is the product of an individual’s past experience and his or her level of

self-efficacy.

Based on the findings, knowledge self efficacy increases the effectiveness of reputation
in enhancing the knowledge sharing behaviours among nursing supervisors. Thus,
nursing supervisors who gain reputation from online communities and have higher
knowledge self efficacy will be more likely to share knowledge in OHC. The present
study extends our understanding of the moderating role of knowledge self-efficacy
between reputation and knowledge sharing behaviour. It also extends our understanding
of the applicability of knowledge self efficacy among nursing supervisors working in

online health communities, more specifically, in Jordan.

Finally, this study knowledge self-efficacy does not act as a moderator ability between
ability to share and knowledge sharing behaviour. This result might be due to inadequate
knowledge sharing activities at private hospitals. This may have resulted in a view that
knowledge self-efficacy does not support their ability to share in OHC. In addition, this
result is consistent with Sitharthan et al. (2001), who stated that self-efficacy does not
always moderate the relationship between two personal variables. Thus, the results
obtained may confirm the findings of (Sitharthan et al., 2001). The proposed model in
this study tested the moderating effect of knowledge self-efficacy interaction between
knowledge sharing behaviour and the ability to share. The results of the model shown in
Table 5.1. The relationship between the ability to share and knowledge sharing behaviour
with the moderating effect was negative and not statistically significant. The Figure 5.1

shows final model of the study after removing the insignificant relation.
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Table 5.1: List of Hypotheses and Relative Paths

Hypothesis Path B p-value Result
H1: Trust will have a positive significant effect on knowledge sharing behaviour in online health communities. TRUST ——» KSB 0.209 0.001*** Supported
H2: Reciprocity will have a positive significant effect on knowledge sharing behaviour in online health communities. REC —» KSB 0.222 0.002*** Supported
H3: Reputation will have a positive significant effect on knowledge sharing behaviour in online health communities. REP —» KSB 0.172 0.020** Supported
H4: Ability will have a positive significant effect on knowledge sharing behaviour in online health communities. ABS —» KSB 0.334 0.001*** Supported
H5: Knowledge Self-efficacy moderate the relationship between trust and knowledge sharing behaviour. KSE
TRUST —» KSB 0.149 0.030** Supported
H6: Knowledge Self-efficacy moderate the relationship between reciprocity and knowledge sharing behaviour. KSE
REC —— p KSB -0.167 0.018** Supported
H7: Knowledge Self-efficacy moderate the relationship between reputation and knowledge sharing behaviour. KSE
REP ——p KSB 0.192 0.001*** Supported
H8: Knowledge Self-efficacy moderate the relationship between the ability to share and knowledge sharing behaviour. KSE
ABS » KSB -0.119 0.073 Not Supported

Note: ***: p<0.01; **: p<0.05;
KSB: knowledge sharing behaviour, TRUST: Trust, REP: reputation, KSE: knowledge self-efficacy, REC: Reciprocity, ABS: ability to share.
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5.3 Implications of findings

This study contributes significantly to the body of the knowledge regarding social
exchange theory and social cognitive theory, in addition to individual factors (trust,
reciprocity, reputation, and ability to share), knowledge self-efficacy and knowledge
sharing behaviour). Secondly, there were practical contributions in that the study offers
several implications for private hospitals in Amman regarding the key roles of individual
factors (trust, reciprocity, reputation, ability to share) and knowledge self-efficacy in
achieving a suitable level of knowledge sharing behaviour.

5.3.1 Theoretical Contributions

This study attempts to expand the literature in terms of knowledge sharing behaviour,
individual factors, and knowledge self-efficacy by making several contributions. In terms
of the Social Exchange Theory and Social Cognitive Theory, the study significantly
contributes to the body of knowledge by conceptualizing a research framework, which
reflects the moderating role of knowledge self-efficacy on the relationships between

individual factors and knowledge sharing behaviour.

Examining this framework in the healthcare sector in Jordan is not only considered to
offer an extension of the literature, but is also considered to be a key contribution to
bridging the gaps in the existing literature by providing a comprehensive understanding
of the above moderating effect and the relationships. These individual factors in terms of
trust, reciprocity, reputation and ability to share were integrated into this study to examine
the effects of individual factors on knowledge sharing behaviour. This integration
considered as a significant contribution to knowledge sharing literature. Moreover, the
findings of the current study are an additional contribution, not only to the online
healthcare communities’ literature, but also to the studied theories in that these findings
emerged after utilizing the Social Exchange Theory and Social Cognitive Theory, in
investigating the relationship between individual factors and knowledge sharing
behaviour among nursing supervisors in online healthcare communities with the

moderating role of knowledge self-efficacy.
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Hence, this study presents to the literature a significant theoretical contribution by
examining this linkage in two directions. Firstly, the direct effects of the individual
factors in terms trust, reciprocity, reputation and ability to share on knowledge sharing
behaviour. Secondly, the direct effect of individual factors on knowledge sharing
behaviour with the moderating role of knowledge self-efficacy. Therefore, the current
study presents new theoretical contributions, which in turn enrich the body of knowledge.
This contribution displays the moderating role of knowledge self-efficacy in the

relationship between individual factors and knowledge sharing behaviour.

Moreover, the findings of the study confirm the legitimacy of the underlying theories
used in the current study. In particular, the significant relationship between individual
factors and the knowledge sharing behaviour enhances the Social Exchange Theory and
Social Cognitive Theory. To sum up, the findings of the study justify the usage of these
theories to linking the studied variables- knowledge sharing behaviour, individual factors,

and knowledge self-efficacy.

5.3.2 Practical Contributions

The findings of the study concluded that substantial benefits could be given to private
hospitals to improve the knowledge sharing behaviour of nursing supervisors of Amman
private hospitals in online healthcare communities. This could be achieved by helping
the nursing supervisors to understand important factors that could affect their knowledge
sharing behaviour in online healthcare communities. Such an outcome would be helpful
to Jordanian private hospitals in obtaining a better understanding of the main factors
increasing the knowledge sharing behaviour of nursing supervisors. The role of
individual factors includes trust, reciprocity, and reputation which have been shown to

improve the knowledge sharing on the online healthcare communities.

Additionally, this study provides practical contributions regarding the role of knowledge

self-efficacy as a predictor of a knowledge sharing behaviour. Specifically, the results

provide clear evidence that the knowledge self-efficacy as when it comes to a knowledge

sharing behaviour in the private hospitals in online healthcare communities in Jordan.

This contribution offers clear insights for top management in the private hospitals in
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online healthcare communities in Jordan, as a means of avoiding many of the challenges
that effect the knowledge sharing an aspect which was addressed in this study (Dammaj
etal., 2016).

The management can apply these findings in setting in place the respective plan of
supporting knowledge self-efficacy. For example; specific time should be allocated for
supervisors to share knowledge via online healthcare communities, and connect sharing
amounts to a “points system”. The management could arrange workshops and seminars
to increase knowledge self-efficacy among nursing supervisors in order to increase
knowledge sharing behaviour among its communities. Overall, this study gives top
management at the private hospitals more understanding about how knowledge self-
efficacy can encourage nursing supervisors to share their knowledge in online healthcare

communities.

5.4  Limitations of the Study

Regardless of the above significant contributions, this study encountered some
limitations, as is the case with any social studies research. The first limitation, the
generalizability of the findings of the current study, is limited in two aspects. In particular,
the study involved one representative from among the nursing supervisors of each
department in the hospitals. However, other employees were not considered when it came
to make up the sample for the study. Secondly, the study was restricted to private
hospitals in Jordan. Therefore, the findings may not be generalizable to other sectors in
Jordan or other countries. Hence, similar studies could be conducted in other sectors to
include considering more employees during the survey. The third limitation of the study
is that it involved only private hospitals in Amman. This could extend to other hospitals
in different regions or other healthcare sectors in the future.
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55 Future Research

The findings of this study offer a basis for further research in the future in order to achieve
more generalizability and to overcome the above limitations. Regarding the research
design, future research might combine both qualitative and quantitative approaches in
order to measure the research variables. This mixed method design could provide a better
understanding of the research problem and provide more alternative perspectives
(Creswell, 2012).

Regarding the populations and sampling techniques, future researchers might conduct a
similar study in other sectors in Jordan, such as the education and financial sectors. In
addition, researchers could conduct a similar study in other countries after adapting the
variables to suit their society’s contexts. To go beyond this, future researchers might
conduct a study in order to address employees and top management perspectives, with

the study following a comparative approach in terms of data analysis.

Future research could reconsider the measurement of the study variables. This
reconsideration may be achieved in two ways. Firstly, increasing the number of items in
some variables would strengthen the accuracy of the measured results. Secondly,
researchers could increase the number of constructs with regard to individual factors.
Moreover, the research framework of this study shapes the moderating role of the

relationship between individual factors and knowledge sharing behaviour.

Here, future research could go for further empirical investigation by adding new variables
as independent, dependent, or moderating variables or extend the investigation to more
regions in Jordan. Moreover, future research may go through more investigation on
negative results. This could include significant negative and non-significant results in this
study such as the reciprocity and ability to share through the moderating effect of

knowledge self-efficacy respectively.
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5.6 Conclusion

This study has been conducted to achieve the two research objectives, which were
outlined in Chapter One. The first objective is to identify the individual factors effecting
knowledge sharing behaviour among nursing supervisors in online healthcare
communities. The second objective is to assess the moderating effect of knowledge self-
efficacy on the relationship between individual factors and knowledge sharing behaviour
in online healthcare communities. Consequently, the six main variables considered in the
current study were trust, reciprocity, reputation, ability to share, knowledge sharing
behaviour, and knowledge self-efficacy respectively. These were deduced from the
literature through a systematic methodological process in which the above-mentioned
variables were chosen to be investigated in the present study. The researcher has
proposed a model that combines the selected variables based on two well-known theories,
namely, Social Exchange Theory and Social Cognitive Theory. These theories showed

that such combination of variables can be merged into one model.

The first model was related to the direct effects, while the second was related to the
moderating effects. Regarding the direct effects model, the results indicated that the direct
effect of all the independent variables on knowledge sharing behaviour is statistically
significant which means a higher level of these individual factors would improve the level
of knowledge sharing behaviour among nursing supervisors. In addition, moderator
variables in the second model showed that knowledge self-efficacy had a significant
moderating effect on the relationship between trust and reputation. With knowledge
sharing behaviour, this result implies that knowledge self-efficacy negatively moderated
the relationship between reciprocity and knowledge sharing behaviour . This means that
when the knowledge self-efficacy of the individual is high, an individual’s tendency to
obtain and share knowledge will be reduced. Conversely, if knowledge self-efficacy is
low, the individual’s tendency to share knowledge will increase. The moderation of
knowledge self-efficacy between the relationship of the ability to share and knowledge

sharing behaviour was not statistically significant.

Regarding the direct effects model, the results showed that the first model measured using

the direct impact of the individual factors in terms (trust, reciprocity, reputation and
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ability to share) on the Knowledge Sharing Behaviour which all the hypotheses
supported. Regarding the moderating effects model the second model that includes the
moderator effect shows that all hypotheses were accepted with the exception of one
hypothesis which found that the ability to share was not affected by knowledge sharing
behaviour via the moderating effect of knowledge self-efficacy. Self-efficacy does not

always moderate the correlation between two personal variables (Sitharthan et al, 2001).

This study contributes significantly to the body of the knowledge regarding the
integration of Social Exchange Theory and Social Cognitive Theory. This study offers
several implications for private hospitals in Amman regarding the key roles of individual
factors and knowledge self-efficacy in improving knowledge sharing behaviour among

nursing supervisors in online healthcare communities.

Future research can explore new variables as independent, dependent, or moderating
variables such as organizational and environmental factors, or extend the investigation to
more regions and sectors such as education and financial. Moreover, future research may
go through more investigation on negative results. This could include significant negative
and non-significant results in this study such as ability to share through the moderating

effect of knowledge self-efficacy respectively.
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APPENDIX A

QUESTIONNAIRE VALIDATION FORM

Research Title:
The Moderating Roles of Knowledge Self-Efficacy Toward Knowledge Sharing Behaviour

Among Nursing Supervisors in Online Healthcare Communities.

Dear Prof./Asst. Prof./Dr.

My name is Salah Jamel Shehab, | am undertaking the above-named research as my thesis undertaking.
Currently, | have adapted several instruments to measure the constructs of interest, which are highlighted
in the proposed framework shown on the next page. The next stage is to validate the items. The main
objective is to ensure that these items match with their respective operational definitions. | would be

grateful if you could spend some time to read the items and assess their content validity.

Perhaps, there are certain constructs with adapted instruments which need to be simplified due to (1)
lengthy wordings (2) too many items, and (3) ambiguity. The attribute of each set of survey instrument is
properly indicated (whether it is originally adapted or a modified version). If the instruments are modified,
the original instruments can be referred at the appendix section. Please respond to the exercise indicating
whether each item is a perfect match, moderate match or poor match. If the item is considered as a moderate

match, please provide the suitable wordings in the comments column.

The research unit of analysis is supervisors in private hospitals in Jordan. Should you need any clarification,
I can be reached at +60177601530 or through email (s.j.a.84@hotmail.com) | thank you in advance for

your time and expertise.

Researcher: Supervisor Committee: Co-Supervisor:

Salah Jamil Abd Al Fattah Shehab
Ph.D. College of Graduate Studies
Universiti Tenaga Nasional

s.j.a.84@hotmail.com

Dr.Rabiah Eladwiah Abdul
Rahim.

College of Graduate Studies
Universiti Tenaga Nasional

rabiah@uniten.edu.my
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Your Assessment

Construct Operational Instruction Perfect M&iigate
(Dimension), Definition & and PRo
Proponents & Modifications | Questionnaire COmTEE (n':/;?rt]fgn (irgan'qnéﬂp Poor Match
i ! . item)
Scales (if any) Items itemasit | needs (remove i
IS) some
refining)
Trust Trust; Instruction:
Scales used: L Please indicate
(1) Strongly Disagree | the beliefin your response to
(2) Disagree the good intent, | the fol1owing
(3) Neutral competence, statements.
(4) Agree and reliability | pjeace tick the

(5) Strongly Agree

The scale items are
adapted from the

(Jarvenpaa et al.,
1999).

(Hassandoust et al.,
2011)

of employees
with respect to
contributing
and reusing
knowledge
(Mishra 1996;
Putnam 1993).

most
appropriate
assessment
based on the
scale below.

1. We were
usually
considerate of
one another's
feelings on
online
healthcare
communities.

2.The people in
online
healthcare
communities
were friendly.

3.1 could rely on
those with
whom | worked
in online
healthcare
communities.

4. Overall, the
people in online
health
communities
were very
trustworthy.
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Your Assessment

0 tional Instructi Moderate
Corsue | et | s pertect | atcn
(Dimension), Modifications | Questionnaire Comments | Match | (maintain Poor Match
Proponents & Scales X (maintain | item but item
(e ItEms item as it needs (B0 i)
is) some
refining)
Reciprocity Reciprocity | Instruction:
Scales used: Please indicate
(1) Strongly Disagree Belief that your response to
(2) Disagree current sharing | the following
(3) Neutral behaviour will | statements.
(4) Agree cause future Please tick the

(5) Strongly Agree
The scale items are
adapted from the

( Bock et al., 2005)

(Zhang et al., 2017a)

requests for
knowledge to
be easily
satisfied by
others
(Davenport et
al., 1998)

most
appropriate
assessment
based on the
scale below.

5.When | share
knowledge in
online
healthcare
communities, |
believe that my
questions will
be answered in
the future.

6.1 believe that
other members
whom | interact
with would help
me whenever |
am in need in
online
healthcare
communities.

7.When | share
my knowledge
in online
healthcare
communities, |
expect the other
members to
respond
whenever | am
in need.
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Construct (Dimension), | Definition & and g
Proponen(ts&Scales) Modifications | Questionnaire | COTMeNts (mff.n (Irt"ea::]”f)ﬂt” Poor Match
(i any) Items item as it needs (st I,
is) some
refining)
Reputation Reputation Instruction:
Perception of Please indicate
Scales used: an your response to

(1) Strongly Disagree
(2) Disagree

(3) Neutral

(4) Agree

(5) Strongly Agree

The scale items are
adapted from the

( Wasko & Faraj, 2005)
(Zhang et al., 2017a)

improvement in
reputation and
image due to
sharing
knowledge in
the online
community
(Kankanhalli et
al., 2005).

the following
statements.
Please tick the
most
appropriate
assessment
based on the
scale below.

8. | earn respect
from others by
participating in
the online
healthcare
communities.

9. | feel that
participation
improves my
status in the
online
healthcare
communities.

10..1 am
participating in
the online
healthcare
communities
can enhance my
reputation in my
professional
field.

11. I can earn
some feedback
or rewards
through
participation
that represent
my reputation
and status in the
online
healthcare
communities.
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Your Assessment

. . Moderate
Operational Instruction Perfect Match
Construct (Dimension), Definition & and PR
Proponents & Scales Modifications | Questionnaire Comimens (m?;f;n (irtr:ea::]néeﬂp Poor Mgtch
(if any) Items itemasit | needs | (femoveitem)
is) some
refining)
Ability to share Ability to | Instruction:
share Please indicate
your response to
Scales used: The ability of the following
(1) Strongly Disagree individuals to statements.
(2) Disagree share Please tick the

(3) Neutral

(4) Agree

(5) Strongly Agree

The scale items are

adapted from the

(Armitage et al., 1999)
(Radaelli et al., 2014)

knowledge with
each other, this
trait refers to
capabilities of
conceiving and
sharing meaning
in different
situations
(Mohammadyari
etal., 2014).

most
appropriate
assessment
based on the
scale below.

12. 1 am fully
capable of
sharing my
knowledge with
others in online
healthcare
communities.

13.1f it
depended only
on me, | would
exhaustively
share my
knowledge in
online
healthcare
communities.

14. 1 am fully
capable of
articulating my
knowledge in
written or
spoken form in
online
healthcare
communities.

15.1 believe |
am fully capable
of sharing my
knowledge at
any time in
online
healthcare
communities.
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) Moderate
(;0”5”9“) 8;?;3}';?2 Instruction and Perfect | Match
imension), init i i Match maintain
Proponents & Modifications Queslileonqgalre Comments (maintain (item but Poor M‘.fm:h
Scales (if any) [— needs (remove item)
IS) some
refining)
Knowledge self- | Knowledge | Instruction:

efficacy

Scales used:

(1) Strongly
Disagree

(2) Disagree

(3) Neutral

(4) Agree

(5) Strongly Agree

The scale items are
adapted from the

(Bock & Kim,
2002)

(Lu et al., 2006)

self-efficacy

Self-efficacy
refers to the
degree of
confidence in
one’s ability to
provide
knowledge that
is valuable to
others
(Kankanhalli et
al., 2005)

Please indicate your
response to the
following statements.
Please tick the most
appropriate assessment
based on the scale
below.

16.The knowledge |
share with my
colleagues would be
very useful to them in
online healthcare
communities.

17.My personal
expertise will display
its value if shared
within the online
healthcare
communities.

18. My limited
knowledge, even if
shared, will generate
little effect within the
online healthcare
communities. (R)

19.1 am confident that
my knowledge sharing
would improve work
processes in the online
healthcare
communities.

20.1 am confident that
my knowledge sharing
would increase the
productivity in the
online healthcare
communities.
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Moderate
Construct (Di ) Sgce;itlé):z Instruction and Perfect Match Poor
onstruc imension), nit 0 . . .
Proponents & Scales | Modifications | Questionnaire | Comments Match | (maintain |\ 0
. Items (maintain | item but (remove
e, item as it needs item)
is) some
refining)
Knowledge sharing Knowledge | Instruction:
behaviour sharing Please indicate
behaviour your response to
Scales used: the following

(1) Strongly Disagree

(2) Disagree

(3) Neutral

(4) Agree

(5) Strongly Agree

(6) Don’t know/ Not
Applicable

The scale items are

adapted from the
(Luetal., 2006a)

( Bock & Kim, 2001)

(Lu et al., 2006a)

the process of
involving
knowledge
exchange
between
individuals and
groups of
individuals
(Davenport &
Prusak ,1998).

statements. Please
tick the most
appropriate
assessment based
on the scale
below.

21. In daily work,
| take the initiative
to share my work-
related knowledge
to my colleagues
in online
healthcare
communities.

22. | keep my
work experience
and never share it
out with others
easily in online
healthcare
communities. (R)

23.After learning
new knowledge
useful to work, |
promote it to let
more people learn
itin online
healthcare
communities

24.1 actively use
online healthcare
community’s
sources available
to share my
knowledge.

25.50 long as the
other colleagues
need it, | always
tell whatever |
know without any
hoarding in online
healthcare
communities.
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Demography for experts

APPENDIX B

Academic Current position University Field of experience Meeting
position time/date
Assoc. Prof. Dr. | Deputy Dean of UKM Healthcare management April 30, 2018
Nurhizam Safei | Industry & Hospital information systems
Community Information science Face-to-face
Partnership and
Income generation
Asst. Prof. Dr. | Faculty of Civiland | UTHM e-Health May 7, 2018
Mustafa Jaber | Environmental e-Government Face-to-face
Engineering. Telemedicine
Modelling and adoption
Dr. Ahmed | Deputy dean of | Imam Sadiq | Information Science
Fahad Scientific affairs university Service sciences E-mail
college, Iraq
Asst. Prof. Dr. | Vice Deanship for | Imam Healthcare management and
Mu’taman Quality and Abdulrahman leadership.
Jarrar Development Bin Faecal Organizational behaviour E-mail
University, Strategic Planning Nursing
Saudi Arabia
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APPENDIX C

P T

Questionnaire for Nursing Supervisors o Hirtiasee! S

Dear Participant:

We cordially invite you to participate in a research entitled “the moderating roles of
knowledge self-efficacy toward knowledge sharing behaviour among nursing supervisors
in online healthcare communities.” This survey is being conducted as a part of the Ph.D.
program in Business Management at University Tenaga Nasional (UNITEN),
Malaysia.The aim of this research is to examine the relationship between Individual
Factors and Knowledge Sharing Behaviour in Online Healthcare Communities in
Amman, Jordan. Also, this research aims to identify the moderating role of Knowledge
Sharing Self-Efficacy in the relationship between the Individual Factors and Knowledge
Sharing Behaviour. We are interested in your experiences in the private hospital in
AMMAN. So, | have enclosed a questionnaire, which will require approximately 15
minutes responding to series of statements and questions. Please read the questionnaire
and respond to every item as instructed in every section. Feel free to contact us if you

have any questions about the research.

As a part of the university research policy, there are no commercial benefits attached to
this research and the collected data from this study will be used for research purposes
only. Additionally, your response will extremely remain confidential and no identifying

information will be attached to your answers.

Your participation is highly appreciated

Researcher: Supervisor Committee: Co-Supervisor:

Salah Jamil Abd Al Fattah Shehab  Dr.Rabiah Eladwiah Abdul Prof. Dr.Salina Bte. Daud
Ph.D. College of Graduate Studies  Rahim. College of Graduate Studies
Universiti Tenaga Nasional College of Graduate Studies Universiti Tenaga Nasional
s.j.a.84@hotmail.com Universiti Tenaga Nasional salina@uniten.edu.my

rabiah@uniten.edu.my
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DEFINITIONS OF THE RESEARCH VARIABLES

Knowledge sharing behaviour: The process of involving knowledge exchange between

individuals and groups of individuals.

Trust: The belief in the good intent, competence, and reliability of employees with

respect to contributing and reusing knowledge.

Reciprocity: Belief that current sharing behaviour will cause future requests for

knowledge to be easily satisfied by others.

Ability to share: The ability of individuals to share knowledge with each other, this trait

refers to capabilities of conceiving and sharing meaning in different situations.

Reputation: Perception of an improvement in reputation and image due to sharing

knowledge in the online community.

Knowledge Self —efficacy: The degree of confidence in one’s ability to provide

knowledge that is valuable to others.

Online health communities: Social media networks such as Facebook, Twitter and

LinkedIn.

DIRECTIONS:

The online community is a crucial platform to sharing knowledge in organizations. The
online virtual community is a gathering of individuals who communicate with each other
via social media networks (Facebook, Twitter and LinkedIn) and can discuss post, give
advice, reply and collaborate to follow common interest or goal. By engaging in online
communities, the individuals can participate in knowledge sharing with no time and space

limitations. For a successful virtual knowledge community, it must be managed by
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members who are good in practicing online knowledge sharing. Online virtual
communities could develop an individual’s knowledge sharing and trust. Several
previous studies have asserted that online virtual communities may serve the necessities
of users for information and knowledge sharing as well as also might be regarded as an
inventive tool for organizational knowledge sharing. Online communities could support

information and knowledge sharing as well as are critical for organizations.

Although online healthcare communities are a beneficial platform in order to share
general health knowledge, like, drug side effects, hospital information, some questions
are still needed to answer as what factors identify whether community participants’ will
share their particular knowledge, such as their own personal medical information. It has
been found that there is a lack in sharing health knowledge via the online communities in
Jordanian health environments. As such, this study aims to identify the main antecedents
that may hinder the healthcare professionals to share their knowledge with their
colleagues in the same hospital or even with other hospitals. This research proposed a set

of factors that will be investigated to verify its suitability in the context of usage.

In section, one please put a tick (V) in the box next to the answer of your choice. In
sections2,3, and 4 please respond to each item by circling the most appropriate number
based on the 5-point scale where 1 = Strongly Disagree, 2 = Disagree, 3 = Neither Agree

or Disagree, 4 = Agree, 5= Strongly Agree.

Your participation is voluntary, and you can withdraw your survey anytime.

Thank you very much
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SECTION A: Demographic Background

1. What is your gender?
Male
Female

L]

2. What is your age group?
25-30
31-35
36-40
>40

Hnjnn

3. What is your level of education?
Bachelor
High diploma
Master
PhD

CIEIEIE]

4. How long do you use the Internet every day?
Less than one hour |:|

1-3 hours |:|
4-6 Hours |:|
> 6 hours |:|

5. How many years of experience you have in the health sector?
Less than one year []

1-3 years |:|

More than 3 years []
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Section B: Individual factors

Trust:
No. Items Strongly Disagree Neither Agree Strongly
Disagree Agree Agree
or
Disagree
1 We were usually considerate of one another’s 1 2 3 4 5
feelings on online healthcare communities.
2 The people in online healthcare communities 1 2 3 4 5
were friendly.
3 I could rely on those with whom I worked in 1 2 3 4 5
online healthcare communities.
4 Overall, the people in online healthcare 1 2 3 4 5
communities were trustworthy.
Reciprocity:
No. Items Strongly Disagree Neither Agree Strongly
Disagree Agree Agree
or
Disagree
1 When | share knowledge in online healthcare 1 2 3 4 5
communities, | believe that my questions will
be answered in the future.
2 I believe that other members whom | interact 1 2 3 4 5
with would help me whenever | am in need in
online healthcare communities.
3 When | share my knowledge in online 1 2 3 4 5

healthcare communities, | expect the other

members to respond whenever | am in need.
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Reputation:

No. Items Strongly Disagree Neither Agree Strongly
Reputation Disagree Agree Agree
or
Disagree
1 | earn respect from others by participating in 1 2 3 4 5

the online healthcare communities.

2 | feel that participation improves my status in 1 2 3 4 5

the online healthcare communities.

3 My participating in the online healthcare 1 2 3 4 5
communities can enhance my reputation in my

professional field.

4 I can earn some feedback or rewards through 1 2 3 4 5
participation that represent my reputation and

status in the online healthcare communities.

Ability to Share:

No. Items Strongly Disagree  Neither Agree Strongly
Anility to share Disagree Agree Agree
or
Disagree
1 I am fully capable of sharing my knowledge 1 2 3 4 5

with others in online healthcare communities.

2 If it depended only on me, | would 1 2 3 4 5
exhaustively share my knowledge in online

healthcare communities.

3 I am fully capable of articulating my 1 2 3 4 5
knowledge in written or spoken form in online

healthcare communities.

4 I believe 1 am fully capable of sharing my 1 2 3 4 5
knowledge at any time in online healthcare

communities.
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Section C: Moderation factor

Knowledge Self-efficacy:

No. Items Strongly Disagree Neither Agree Strongly
Disagree Agree Agree
or
Disagree
1 The knowledge | share with my colleagues 1 2 3 4 5

would be very useful to them in online

healthcare communities.

2 My personal expertise will display its value if 1 2 3 4 5
shared within the online healthcare
communities.

3 My limited knowledge, even if shared, will 1 2 3 4 5

generate little effect within the online
healthcare communities. (R)

4 I am confident that my knowledge sharing 1 2 3 4 5
would improve work processes in the online

healthcare communities.

5 I am confident that my knowledge sharing 1 2 3 4 5
would increase the productivity in the online

healthcare communities.
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Section D:

Knowledge sharing behaviour

No.

ltems

Strongly
Disagree

Disagree Neither  Agree
Agree
or

Disagree

Strongly
Agree

In daily work, | take the
initiative to share my work-
related knowledge to my
colleagues in online

healthcare communities.

2 3 4

I keep my work experience
and never share it out with
others easily in online

healthcare communities. (R)

After learning new
knowledge useful to work, 1
promote it to let more
people learn it in online

healthcare communities.

I actively use online
healthcare community’s
sources available to share my

knowledge.

So long as the other
colleagues need it, | always
tell whatever | know without
any hoarding in online

healthcare communities.

Your suggestion:

THANK YOU FOR YOU COOPERATION

Questionnaire for Nursing Supervisor (Arabic language)
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